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University of Manchester, UK

Performance measurement in social care is now considerably more advanced than
previously. However, measurement is criticised on the basis of its presentation as neutral
when, in the UK, it is part of the government’s regulatory regime. However, measurement
is important, especially when alternative methods may bring about different rankings of
authorities to those endorsed by the recent system. This paper explores this issue through
analyses of cost efficiency in English social services authorities. It concludes that the
picture of authorities’ performance depends on the method chosen which, it is argued,
should stem from the stated aims of performance monitoring.

I n t roduct ion

Measuring performance, quality and efficiency in social care has recently achieved
prominence in the UK as well as in other countries. In the UK, a major thrust in the
development of this approach was the White Paper Modernising Social Services in 1998
(Cm 4169, 1998). Although the ‘modernisation’ agenda for adult social care arising from
this can be criticised for its conceptual foundations, the current empirical techniques
for monitoring performance have their origin here. The development of indicators and
associated techniques by which the government has judged the performance of social
services authorities on a national basis has been charted in a number of publications
(DoH, 1999; DoH, 2002a; DoH, 2003).

The government proposals for monitoring performance, set out in the White Paper,
formed part of a regulatory regime whereby local authorities were held to account for
their performance (Cm 4169, 1998: Chapter 7). Thereafter, improvements in the delivery
of social care were driven by the establishment of standards by which the public could
appraise local services, and by which the government could reward or sanction good or
bad performance. Over time, the government has established a set of key indicators with
the aim of forming a comprehensive overview of social services activity across the country.
These include those of the Performance Assessment Framework (PAF) and a wider set of
indicators contained in the Key Indicators Graphical System (KIGS), recently disseminated
as a web-based application (DoH, 2005), as well as those for public consumption such
as the ‘star ratings’ for social services (Commission for Social Care Inspection, 2004).
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These national data collections to monitor social care performance have developed
considerably since the first set of indicators in 1988 (Warburton, 1988). However,
the methods for analysing these indicators to provide evidence of ‘good’ or ‘poor’
performance are less developed. It is often assumed that current methods are the only
ones possible and the nature of their application can be taken for granted. However, the
implementation and presentation of the approach have been questioned. One criticism of
this type of measurement, for example, is that it has been used as part of a ‘presentational
politics’ by government (Cutler and Waine, 1997). Performance measurement in UK
social care, in contrast to some other countries, has been implemented in an almost
exclusively top-down manner. This has meant that control and regulation characterise
the way in which measurement methods are adopted, rather than their use to evaluate
professional decision-making at a more local level. This has meant that the credibility of
the measurement approach amongst practitioners has suffered; a problem in the NHS as
well as social care (Rowan and Black, 2000).

In addition, academic debate has criticised the performance approach for its
reliance on measurement per se and for its associations with techniques for continuous
improvement drawn from business practice, traditionally considered anathema to the
values of social care (Lupton, 1989; Watson, 2002). However, measurement is important,
not least because without it we cannot judge whether, and in what direction, social
care has improved. Viewed from the perspective primarily of measurement (rather than
outright condemnation of the approach’s political basis), the issue therefore becomes one
of the value of the measurement approach adopted. This paper considers three different
measurement methods that can be used to monitor an important aspect of the performance
of English social services authorities – efficiency. It argues that each of these methods
paints a different picture of an authority’s position regarding the overall efficiency of its
social care services. The relevance of this for the stated aims of performance monitoring
is discussed.

Moni to r ing e ffic iency in soc ia l ca re

Efficiency in social care services has been much maligned in previous periods (Williams
and Anderson, 1975). Often erroneously confused with purely cost cutting, its promotion
has been attacked by those who see it as generating perverse incentives to reduce costs
at the expense of quality services or of professionals’ well-being. It is, of course, but
one dimension of performance along with others, such as the responsiveness of service
delivery, effectiveness, choice for users and the consistency of provision across the country
(Cm 4169, 1998). It is, however, a dimension of crucial importance to those, for example
social services managers, who are charged with securing services, whilst taking account
of resource scarcity. However, efficiency and its monitoring are also an important part of
a focus upon users; decisions, and their cost consequences, imply the use of resources in
one way rather than another. Therefore, inefficiency within an authority may mean some
users are being denied resources from which they could benefit and which have been put
to other, often inappropriate, uses. The search for greater efficiency therefore stems from
the fact of finite resources, and the need for decisions to be made regarding how best to
support people within these resources.

The efficiency issue has recently received sustained interest across public services
(Gershon, 2004), and concerns about the efficiency of social services authorities have
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been raised. Evidence from the Joint Reviews of Social Services (Audit Commission/SSI,
1998) and other research evidence (Baldock, 2004) have shown large variations between
authorities in the costs of providing the same service with consequent scope for efficiency
improvements. For example, the unit costs of home care provided by independent
agencies in the period 2000/01 varied over fourfold between the lowest cost authority
(a gross hourly cost of £4.09) and the highest (a gross hourly cost of £18.67) against an
average unit cost of £9.05 per hour for England (DoH, 2002a). These variations have been
seen as evidence of substantial differences in the way authorities manage their services in
terms of their use of resources and in their commissioning practices. However, there are
other factors not taken into account in this interpretation, such as errors in the data and
unexplained sources of variation arising from particular authorities’ social or economic
positions. Reporting such data in terms of interpreting the efficiency of social services
is therefore likely to be contentious and raise issues of the appropriateness of different
methods of measurement.

There are a comprehensive range of sources discussing techniques for measuring
efficiency in various areas of policy (Blades et al., 1987; Ferlie et al., 1989). Efficiency
can be defined in one of two ways: the degree to which a given combination of resources
is deployed to maximise outputs, or the degree to which inputs (and thus their costs) are
minimised for a given output. In social care the latter definition has often been taken
as the most useful since the pursuit of cost reductions (allowing for inflation) at current
output levels is the way efficiency is normally understood. It is this definition that is used
in the analyses to follow.

Measur ing e ffic iency : th ree methods

First, when discussing proposals to improve the efficiency of social care, it is necessary
to link measurement to the objectives of services (Williams and Anderson, 1975: 28).
For example, regarding services for adults and older people one objective of the UK
government contained within the National Priorities Guidance (Department of Health,
1998) and more recent policy (Cm 6499, 2005) is to promote independence by supporting
people to live at home. The efficiency with which this fairly general aim is accomplished
is monitored by some of the government’s PAF indicators. In particular, PAF indicator B12
measures the cost of intensive social care for adults and older people (DoH, 2003).1 This
indicator is used to assess performance year on year against the government’s efficiency
targets.2 The stated aim of comparative analysis on such an indicator is for authorities
to ‘benchmark’ themselves against the practices of the best-performing authorities (DoH,
2003). However, it is argued here that for authorities to be assessed on their performance
in a valid way requires a clarification of the methods for achieving this aim.

Evidence of above-average costs on this indicator is interpreted as indicating poor
performance and requiring further scrutiny. However, this form of measurement has been
criticised on the basis that it does not compare like with like. Representatives from local
authorities, especially those that are signalled as poor performers, see the recent methods
for comparative analysis as unfair. Such stand-alone cost indicators do not, it is argued,
take into account the particular circumstances faced by some authorities, which make it
difficult to reduce their costs (Revans, 2002). Three methods are presented here, using
recent data, to explore this issue of fair comparison: the present unit costs method, and
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two methods that model the data to control for factors influencing overall costs – multiple
regression analysis and data envelopment analysis.

Un i t cos t s : a ve rage pe r fo r m ance

The recent method for judging efficiency across social services authorities investigates unit
cost indices, in general and for specific services, to enquire whether an authority’s costs
are higher than the average (median) for its ‘group’ (DoH, 2003). The rationale behind
this is that if costs are above average, this indicates that particular services are not being
commissioned at efficient unit costs or that authorities are using services inappropriately,
thus incurring higher costs than they need to. The standard of good performance for
authorities is therefore costs which are average to low. Unit costs are compared within
groups, which standardise for at least one shared characteristic thought to influence costs.
Previously, authorities were grouped by type of authority (Metropolitan, Shire County,
Unitary authority, Inner and Outer London) thought to exhibit regional variations in
costs. Recently, however, cost indicators have been grouped according to ‘Area Cost
Adjustment (ACA) Groups’, each containing a mixture of authority types. These groups
reflect adjustments that have been made for the varying costs of providing services in
different areas reflecting, between them, variations in average wage rates and the costs of
non-domestic rates across the country (Elliot et al., 1996).

Figure 1 examines the unit cost of intensive social care (PAF indicator B12) using
recent KIGS data (DoH, 2005) for English ACA Group 2 authorities – a mixture of
Metropolitan districts, Unitary councils and Shire counties (54 councils in total). Here
authorities are banded according to the Department of Health’s ‘traffic light’ system,
signalling the extent to which authorities deviate from the average (DoH, 2003: Annex B).3

By this method, 12 authorities are classified as poor performers and are designated as
raising questions about efficiency.

As stated, however, there are objections to this approach: it uses an average standard
by which to judge efficient performance. However, by only standardising costs according
to one input at a time (the influences characterising the cost ‘group’), it cannot allow
for other factors that may drive expenditure. These factors may include the population
or dependency characteristics of the people served and the policies and procedures of
each authority (Levitt and Joyce, 1987). The method also cannot take account of the
multiple nature of such inputs characteristic of real-world operations. Social services
authorities may, for example, seek efficiency improvements by attempting to secure the
lowest unit costs of home care or residential care or they may, in addition, promote
more balanced provision away from residential care as a way of improving their overall
efficiency (DoH, 2003). Improvements to the quality of services are also important, such
as ensuring that independent agencies are rewarded for complying with standards, which
can have resource consequences (Audit Commission, 1997). In addition, some authorities
may struggle to reduce their costs because they face especially difficult circumstances,
such as a high level of deprivation in their population. The unit cost method provides no
way of simultaneously allowing for these multiple influences.

The following two approaches attempt to address this issue by modelling the operation
of social services authorities in delivering their services. Examinations of these models
can bring about a fuller understanding of the factors involved in influencing costs and
lead to rankings of efficiency that take into account the particular circumstances facing
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Performance rankings

Poor - ask questions about performance (costs higher than average)

Acceptable – room for improvement (costs near average)

Good (costs average to low)

Average (median)

Figure 1. Average performance – the unit cost of intensive social care for English Area Cost Adjustment
Group 2 authorities 2002/03.
Source: Department of Health (2005), PAF indicator B12.

management in each authority. These approaches are outlined here as alternatives to the
single factor approach pursued recently and offer more sophisticated standards by which
to judge performance.

Reg r ess ion ana l y s i s : a ve rage e xpec ted pe r fo r m ance

This approach models the variation in costs across authorities through the specification
of a functional form for the data, estimated using regression analysis. In terms of the input
orientation, above, the approach specifies a multiple regression equation that attempts to
explain, as much as possible, the variation in costs in terms of the variation in outputs
and a number of other explanatory variables (Knapp, 1998). In other words, the model
provides the best statistical explanation for the variation in costs given the average impact,
across authorities, of differences in outputs and other influences (Levitt and Joyce, 1987).
This model therefore operates a standard of ‘average expected performance’ (shown by
the regression line fitted to the data) against which each authority can be compared.

465

https://doi.org/10.1017/S1474746406003174 Published online by Cambridge University Press

https://doi.org/10.1017/S1474746406003174


Paul Clarkson and David Challis

By comparing authorities against this standard, we can consider whether a particular
authority’s costs are more or less than we would expect given the conditions under which
it operates.

This method demands a choice as to the factors to include in modelling costs across
authorities. As an example, Table 1 sets out the variables chosen here as characterising
important influences on, once again, the average gross weekly expenditure per person
of intensive social care for adults and older people (PAF indicator B12), for which data
were available. In routine performance evaluation, such explanatory variables could be
chosen after discussion (for example, between managers) of the most likely influences
on expenditure, bearing in mind those factors thought to be crucial in informing debates
about performance. Ideally, however, reference should also be made to the research
literature in choosing variables characterising important influences upon costs. With this
in mind, Table 1 outlines the variables chosen here with the rationale for their inclusion
in the model and their expected relationships to overall costs. However, in terms of a
satisfactory ‘fit’ for the model, the criteria are those of parsimony and explanatory power;
two criteria that may work against each other. That is, we require a model that, as far as
possible, contains the smallest number of variables that individually relate significantly to
costs but that together give the best explanation of the variation in costs across authorities
(Levitt and Joyce, 1987; Knapp, 1998).

The variables chosen in the model include those that are under the direct control of
management, such as the outputs of care (including their quality), and those not under
management control, such as the characteristics of authorities and the extent of need
in their populations. In making this distinction, we are including variables reflecting
processes that may be changed in the short term, in pursuing greater efficiency, and also
those that cannot be changed, reflecting circumstances that may prove especially difficult
for authorities in containing their costs.

Table 2 presents the results of the regression analysis for the same group of authorities
as above using these variables. The variables reported are those emerging as statistically
significant from the model. Statistics are also presented indicating the relative strength of
each of the influences on costs and the fit of the model to the observed data (Hutcheson
and Sofroniou, 1999). Differences in the number of people supported by authorities are
allowed for by focusing on average expenditure per person. As one example, the results
show that, on average, a one percentage shift in care away from residential provision
is associated with a reduction in costs of over three pounds per person, holding other
factors constant. Including variables reflecting authorities’ circumstances and extent of
need shows that higher costs are associated with the proportion of households renting
purpose-built flats (an indicator of deprivation). However, the association between costs
and a need variable – the percentage of older people living alone – is negative, which is the
opposite relationship to that expected. These relationships, however, are those modelled
by the criterion of average performance adopted here, not necessarily those that might be
considered indicative of best practice. They may, for example, be suggestive of less than
optimal practices by the authorities concerned or of data errors. These factors, indicating
authorities’ outputs and circumstances, together account for around 27 per cent of the
variation in overall costs.

Once the model has been estimated, the efficiency of a particular authority can
be measured against the residuals from the regression equation (the difference between
actual and expected costs). However, in order to rank authorities some strategy is needed,
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Table 1 Rationale and measurement issues associated with choice of explanatory
variables in regression model (dependent variable, cost of intensive social care – PAF
indicator B12)

Explanatory variable Rationale
Expected relationship to
overall costs

No. of households receiving
intensive home care as
percentage of residential/
nursing home care and
intensive home care
(PAF B11)

A main indicator of output
reflecting the local
‘balance of care’ (Mooney,
1978; McCallion, 1993)
assuming that older people
prefer to remain at home
and that this is more
beneficial for their welfare
(Harding, 1999)

As authorities shift the balance
of care away from
residential to home care,
overall costs should fall

Percent of older people
living alone (SN 130)

A proxy measure of need for
services (Bebbington and
Davies, 1980)

Authorities with a greater
proportion of their older
population living alone (the
greatest users of social care
services) will tend to incur
higher costs as they will
require more input from
services

Number of contact hours per
household (AA68)

A measure of the level of
home care (Gorbach and
Sinclair, 1989)

As authorities provide more
intensive home care to their
populations this will tend to
raise costs. Intensity is also
based on whether
population is considered in
greater need

Number of hospital
admissions per head of
population over 75 years –
falls and hypothermia
(PAF C33)

A measure of need but also
health provider behaviour,
indicating the extent to
which services are
provided outside social
care and the demands
made upon social services
from hospital discharge
(Hudson, 2002)

A higher number of admissions
may mean costs rise as this
is indicative of a more needy
population and/or an
increase in referrals from the
health sector. However,
costs of social care may also
fall as services may be
reduced once older people
enter hospital

Percentage of single older
people who are admitted
to residential care
allocated single rooms
(PAF D37)

An indicator of quality
conforming to standards in
residential care (Centre for
Policy on Ageing, 1984;
DoH, 2002b)

Pursuing quality standards
often raises costs as
resources are committed to
providing a quality service
rather than a basic, less
costly, one

Percent of households
renting purpose-built flats
(SN 123)

A proxy indicator of local
deprivation (Davies et al.,
1971)

In more deprived areas more
inputs may be needed to
deliver care thus raising
costs

Note: Numbers refer to numbered indicators in Key Indicators Graphical System (Department of
Health, 2005).
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Table 2 Regression analysis of average expected performance – cost of intensive social
care for English Area Cost Adjustment Group 2 authorities 2002/03 – PAF indicator B12

Variable
Coefficient
(β)

Standard error
of coefficient P

Constant 632.96 82.93 <0.001
Intensive home care as percentage of

residential/nursing home care
−3.31 0.87 <0.001

Percent of older people living alone −5.33 2.74 0.05
Percent of households renting purpose-built

flats
5.62 2.73 0.04

Notes: All variables are those emerging as significant from the model at p < 0.05. Model fit: R2 =
0.27; F = 6.05; P = <0.001; Specification tests: Normal distribution of variables confirmed from
frequency histogram of residuals and normal probability plots; low degree of co-linearity confirmed
from tolerance factor (>0.02) and variance inflation factor (<5.0) for all explanatory variables.
Source: All variables, Department of Health (2005).

as in the unit cost method, for judging the extent to which particular authorities deviate,
in this case from average expected performance. The degree of deviation raises questions
for further enquiry. In regression analysis a statistical criterion may be employed on the
distribution of residuals so as to rank authorities’ performance. Here, drawing on Levitt
and Joyce (1987), we take as a means for identifying particularly ‘deviant’ authorities
those that fall outside a range on either side of expected costs of two standard errors (a
measure of the ‘spread’ of the residuals). This follows that, with a normal distribution of
residuals, we would expect 95 per cent of authorities to have actual costs within twice
the standard error of the regression equation (Levitt and Joyce, 1987: 118). However,
when cost minimisation is the objective, only those authorities with costs greater than
expected are signalled here as inefficient. Those authorities with significantly lower costs
than expected are signalled as examples of especially efficient authorities.

Of course, this is but one criterion for judging authorities’ deviation from expected
costs. It has the merit, however, of identifying outlier authorities whose costs differ in a
statistically significant way from what would, on average, be expected given their existing
practices. Figure 2 presents rankings of the authorities on these residual values using this
method. By this method, only four authorities are classified as poor performers, thereby
raising questions about their efficiency. Essex, for example, spends, on average, almost
£91 per person more than expected, given its output and circumstances in relation to
other authorities. Authorities such as Bradford and Cambridgeshire spend less than would
be expected, given the factors by which all authorities are compared here.

Da ta enve lopmen t ana l y s i s (DEA ) : bes t -p rac t i ce pe r fo r m ance

This approach calculates best-possible performance, in relative terms, not by specifying
a form for the data but by comparing the output profile of each authority with a set of
authorities with the same output profiles, but with different values of the input (cost)
variable (Stone, 2002). Put simply, the approach analyses data to search all authorities
in order to answer the question: what combination of outputs actually produced by
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Figure 2. Average expected performance – cost of intensive social care residual values from regression
model for English Area Cost Adjustment Group 2 authorities 2002/03.
Source: All variables, Department of Health (2005).

authorities with different influences entail the least cost? The technique was originally
described by Charnes and colleagues (1973) drawing on the influential work of Farrell
(1957) on the efficiency of US agricultural production. It is a mathematical technique that
has been used in a number of applications, from health care to measuring the efficiency
of education authorities and police forces (Sherman, 1984; Levitt and Joyce, 1987; Ozcan
et al., 1992; Ehreth, 1994; Jacobs, 2001; Thanassoulis, 1995). The only applications of the
technique to UK social care have been by Gibbs and Smith (1989), who studied value for
money in nursing homes and Jiménez et al. (2003), who investigated productivity changes
among a sample of English county councils, following the community care reforms of the
early 1990s. A description of the input-minimising model can be found in Boussofiane
et al. (1991).

The technique constructs a best-practice frontier from the actual operation of
authorities, comparing each authority with the standard of the best actually achieved,
rather than a theoretical notion of perfect efficiency (Farrell, 1957: 255). The approach uses
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the technique of linear programming to search all authorities (characterised as Decision
Making Units or DMUs) offering at least as good a level of output as the one being
observed in order to find the most efficient authorities: those with the lowest costs for
that output level. Each observed authority, in turn, is compared against the best-practice
frontier formed by these authorities. In our input orientation, each authority is then given
an efficiency score indicating its minimum possible costs as a percentage of its actual
costs, given outputs. By using the frontier to establish best practice, this method also
enables targets to be set for each inefficient authority, signalling the degree to which their
outputs and practices can be changed to emulate those of the most efficient authorities.

This method, unlike regression, can take account of multiple inputs as well as
multiple outputs but can still allow for environmental influences outside the control
of management, effectively treating them as either fixed inputs or as favourable (‘more
is better’) or unfavourable (‘more is worse’) outputs (Stone, 2002). Different efficiency
frontiers operate for constant (CRS) and variable returns to scale (VRS) (Banker et al.,
1984). For social care, it is likely that variable returns to scale will operate, in particular
that authorities will exhibit decreasing returns to scale; that is, as inputs increase there is
a rise in output but at a diminishing rate due to added bureaucracy and other factors.

A number of issues emerge in relation to using this technique for performance
evaluation, one of the most important being how to rank authorities by this method. By
definition, using this method, all authorities lying on the efficiency frontier are considered
efficient and all those away from the frontier are relatively inefficient. Consequently,
inefficient authorities cannot be identified as those falling outside a certain range, since
diagnostic tests on residuals are not available (Burgess and Wilson, 1993). Techniques for
detecting outliers when using this method have been employed (Andrews and Pregibon,
1978; Wilson, 1993; Dusansky and Wilson, 1994). However, as well as the fact that
these techniques employ technical methods unfamiliar to those conducting performance
analyses in this setting, they are also used primarily to detect extreme or influential
observations to correct sources of error rather than to rank units on their performance;
they thus may be inappropriate as a means of ranking authorities in terms of their
degree of performance. A simpler and more suitable method for ranking authorities
using DEA follows that described by Edvardsen et al. (2003) in their study of home
care and nursing provision in Norwegian municipalities. In that study, all authorities
calculated as inefficient in DEA are classified as poor performers as they all show relative
room for improvement in terms of conserving their costs. Efficient authorities, however,
may be classified as either active peers, who provide a reference point for at least one
inefficient authority by providing targets for them to meet, or as self evaluators, who are
not referenced by any other authority and who are thus ‘alone in the crowd’ (Edvardsen
et al., 2003: 15). Self evaluators may be considered as supreme examples of best-practising
authorities without comparison elsewhere; they do not act as benchmarks for any other
authority, having unrivalled practices that are sui generis.

Figure 3 shows rankings of the authorities considered here using the DEA method
to calculate efficiency scores under the assumption of VRS and employing the above
classification.4 This ranking uses the same variables as those in the above regression
model, treating those variables not under management control (need and deprivation
indices) as ‘unfavourable’ outputs thought likely to raise costs. Here, authorities are
compared on their efficiency ratios, giving the minimum possible costs as a proportion of
actual costs for each authority. These scores therefore indicate the potential for resource
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Authority

Performance rankings

Relatively inefficient – room for improvement (could potentially conserve costs to a degree)

Relatively efficient – ‘best practising’ and ‘active peers’ (cannot conserve costs at current output levels and act
as benchmarks for inefficient authorities)
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Figure 3. Best-practice performance – DEA efficiency scores for cost of intensive social care for English
Area Cost Adjustment Group 2 authorities 2002/03.
Source: All variables, Department of Health (2005).

conservation for authorities seeking to improve their performance relative to the best
performing in the group. By this method, 12 authorities are considered relatively efficient
with five of these being self evaluators and the rest classified as relatively inefficient.

One advantage of this method is that it allows individual inefficient authorities to
be compared with their efficient ‘benchmark’ authorities, permitting targets to be set
for reaching the practice of their correspondingly efficient peers (Thanassoulis, 2001).
Swindon, for example, operating at only 74 per cent efficiency, can be compared to
Cambridgeshire and Gloucestershire as a composite ‘efficiency reference set’. By acting
as benchmarks for this inefficient authority, these authorities can signal the potential
changes necessary for the authority to achieve 100 per cent efficiency. By this comparison,
Swindon would have to increase the number of households receiving intensive home care
to 23 per cent of its total provision (from its existing 16 per cent). To be as efficient
as its benchmark authorities, Swindon would, however, also have to enjoy different
characteristics; specifically, a lower proportion of its households would have to be living
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Table 3 Comparison of rankings for those authorities identified as
inefficient by recent national performance monitoring (English Area
Cost Adjustment Group 2 authorities 2002/03)

Authority
Unit cost
average

Regression
analysis DEA

South Gloucestershire 1 1 –
Bristol 2 4 1
Essex 3 2 3
Bath and NE Somerset 4 5 2
Brighton and Hove 5 3 4
North Somerset 6 – 11
Bedfordshire 7 6 –
Hampshire 8 – 26
Swindon 9 – 5
West Sussex 10 – 6
Southampton 11 – 7
East Sussex 12 – 8

Notes: Rankings, 1 = most inefficient (most room for improvement); – identified
as relatively efficient in the model.

in purpose-built flats (6 per cent rather than its existing 8 per cent). In this way, this method
signals scope for individual authorities to improve their efficiency to match the practices
of the best performing, either by changing their outputs or by drawing attention to specific
circumstances that may be improved to enable them to conserve costs.

Compar ing the methods

The above techniques of efficiency measurement are compared in Table 3, which
contrasts the rankings of those authorities classified as inefficient by the government’s
recent performance monitoring scheme under the assumptions of each method. Only
four authorities – Bristol, Essex, Bath and NE Somerset, and Brighton and Hove – are
classified as inefficient by all three methods. Six authorities, classified as inefficient by
recent national performance monitoring, are ranked as relatively efficient using regression
analysis, whereas two of these authorities are classified as efficient using DEA. The ranking
of authorities is inconsistent when compared across methods; no authority would achieve
the same position on efficiency if the results of each technique were to be used in forming
league tables of performance. In general, DEA identifies more authorities as inefficient
than either of the other two methods, with the unit cost method being rather indiscriminate
in identifying ‘acceptable’ performers, with most authorities being classified as acceptable
or good.

Conc lus ions

This analysis has focused on the recent method for assessing comparative efficiency
between English social services authorities and contrasted this with alternative methods
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that rely on modelling the operation of these authorities. These additional methods provide
a contrast to the relatively simple, and some would say simplistic, analysis of performance
data arising from the performance agenda in UK social care. Commentators such as
Smith (1990) and Goldstein and Spiegelhalter (1996) have already drawn attention to
the limitations inherent in average rankings of performance data and ‘league tables’ in
other areas such as health and education, where only single unadjusted indicators have
been used. The analyses presented here confirm their suspicions that such raw indicators
offer only a partial view of authorities’ activity. Recent methods are open to the charge of
failing to take account of other influences and drivers of performance, which may lead to
contaminated judgements from both government and the authorities themselves: an issue
not just for social care but for other areas such as education (Wiggins and Tymms, 2002).

The results of the analyses confirm that an authority’s position on a ranking of
performance depends on the method chosen. Moreover, they suggest limitations using
the average as a criterion by which to judge performance. Taking an average standard
by which to judge efficient performance is fundamentally limited as, in most spheres
of activity, there will always be units (authorities, hospitals, teams or individuals) which
lie away from the average. Since variation is inevitable, ascribing the status of ‘poor
performers’ to those units towards the end of the distribution misrepresents the nature
of data and may lead to erroneous conclusions (Adab et al., 2002). For more effective
monitoring, it is more relevant, drawing on the industrial predecessors of performance
measurement, to use methods that identify ‘special causes’ and distinguish these from
‘common causes’, or random variation in the system (Shewhart, 1931; Deming, 1986). In
these methods, a statistical criterion is used (such as identifying units lying outside a range
of three standard deviations) and the practice of outliers may then be interrogated to form
judgements as to the reasons for inefficient performance. Regression analysis, used in the
above examination, similarly uses a statistical criterion to set a standard of efficiency; only
those authorities lying outside a range of expected performance are signalled as raising
concern. In contrast, the DEA method seeks out those authorities able to act as yardsticks
for best practice; it concentrates on the actual use of inputs and outputs in the authorities
being observed and determines best practices for others to follow. The choice as to which
of these methods is most useful in examining social care performance depends on the
purpose of monitoring authorities in this way. It is clear, however, that different methods
produce very different rankings of performance.

This analysis is intended to be more than a sterile technical exercise. Studies in
other settings have compared performance measurement methods, such as the use of
single ratios (as in the recent English PAF), regression analysis and DEA (Nunamaker,
1983; Giuffrida and Gravelle, 1999; Jacobs, 2001). Other modelling approaches are also
available such as stochastic frontier analysis and multi-directional efficiency analysis
(MEA) (Hougaard et al., 2004). However, ideally, the precise aims of performance
monitoring should underlie the basis of any such comparisons. The rationale for
performance measurement in social care, as stated in the Modernising Social Services
White Paper, was for social services authorities to ‘drive up their standards to match
those of the best’ and to ‘secure continuous improvements in performance . . . to deliver
services which bear comparison to the best’ (Cm 4169, 1998: paras 7.3 and 7.14).
Recent performance measurement approaches in other settings, and in other countries,
have articulated a similar basis for measurement (Brook, 1994; Mor et al., 2003). If
such best-practice benchmarking (Camp, 1989) is the foundation on which performance

473

https://doi.org/10.1017/S1474746406003174 Published online by Cambridge University Press

https://doi.org/10.1017/S1474746406003174


Paul Clarkson and David Challis

measurement is to take place, then the use of an average standard by which to assess
activity is inappropriate. As Ehreth (1994) has observed, ‘an average is not an optimum’,
and attempts to assess authorities’ against the average cannot hope to uncover practices
indicative of the best-performing authorities. Only the DEA method attempts to measure
efficient performance with reference to the best performing (under current constraints),
and it is the only method able to offer targets for authorities to improve their practice.

There are, of course, a number of difficulties to address before these more
sophisticated analytical tools can be employed in the UK social care setting. Much
depends on the quality of the routine data available, and the degree of care taken in
building models of the care process operating across authorities (Smith and Street, 2003).
The precise position of authorities on a ranking of performance will depend, to a large
extent, on the choice of variables included in the model: issues of minimising sources of
error such as missing or incomplete data or a lack of data on some factors considered
important in judgements of efficiency become crucial. A judicious choice of relevant
variables is therefore required. In this study, although relevant explanatory variables were
used, drawn from research, the degree of variance explained by the final regression model
was modest. This reflected, in part, the difficulty in obtaining data reflecting all possible
sources of variation in costs, such as those indicating health authority behaviour, labour
market pressures and service quality. Data reflecting all these processes are unavailable
in national packages. Additionally, the relationship of one variable (need) to costs was
opposite to that expected, which may reflect data error or less than favourable practices
within authorities. Also, applying these models in practice (particularly DEA) may be
perceived by authorities as a rather technical affair, which may meet with resistance
as there is a need to be clear about the reasons for their classification as efficient or
inefficient.

However, important as these arguments are, they should not be allowed to obscure the
central issue as explored here. If the need for more effective performance measurement is
accepted, then its aims must be clearly specified and methods adopted which are closely
aligned to these aims. This requires a more methodical approach than that recently
adopted in the UK.
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Notes
1 The definition of this indicator is the ‘average gross weekly expenditure per person on supporting

adults and older people in residential and nursing care and providing intensive home care’.
2 A recent efficiency target for 2002/03 for example was a 2.5 per cent improvement in efficiency

at a national level (DoH, 2003). Evidence from the indicator used here can contribute to an assessment of
the progress of authorities on this target.

3 The thresholds for these bandings are determined from 2001/02 distributions of authorities’ costs
(uprated by inflation). Thus, because these thresholds were fixed at a certain point it is possible for
authorities to move into a higher band as they seek improvements year on year.
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4 The DEA models were calculated using Warwick Windows DEA Version 1.02 (Thanassoulis and
Emrouznejad, 1996).
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