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Abstract
As spending on welfare in the United States has increased over time, preferences for more spending have
remained fairly stationary. Given that previous research shows that the public adjusts its welfare spending
preference thermostatically in response to welfare spending, the over-time pattern of preferences implies
that something must be producing an increase in public support, but what? We address this question,
focusing on individuals’ demographics and a set of aggregate economic variables, both macroeconomic
and distributional. Results reveal that individual-level factors matter little to the temporal variation and
aggregate economics matter a lot: there are pro-cyclical and counter-cyclical elements in spending prefer-
ences and a dampening effect of income inequality over time. The combination of these variables accounts
for the underlying trend in welfare spending preferences in the US, and the method used to reveal these
dynamics can be used to analyze preference evolution in other spending domains and countries.
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The work that follows begins with two relatively straightforward observations. First, welfare
spending in the United States has increased substantially over the past forty years.1 Second, pre-
ferences for change in welfare spending have trended little, if at all. Although opinion has drifted
upward and downward, mean support has remained fairly stationary, a pattern that is evident in
other spending domains in the US and other countries (Soroka and Wlezien 2010). Consider
Figure 1, which shows over-time percentages of responses to a question capturing relative prefer-
ences: ‘Do you think we should spend more, spend less, or spend the same amount on… wel-
fare?’2 The top panel shows trends across all response categories. It makes clear that a
plurality, and often a majority, of Americans expresses support for spending less on welfare.3

It also makes clear that, even as there is real variation in welfare support over time, there is little

© Cambridge University Press 2019.

1The trend in spending is apparent both in current and constant dollars, whether considered in total or on a per capita
basis.

2Data are drawn from the General Social Surveys (GSS), conducted first annually and then bi-annually from 1972 to the
present by the National Opinion Research Centre (NORC) at the University of Chicago. To be clear, data are missing in 14
years between 1973 and 2016: 1979, 1981, 1992, 1995, 1997, 1999, 2001, 2003, 2005, 2007, 2009, 2011, 2013, and 2015. We
rely here (and below) on the primary representative sample in each year, ignoring minority oversamples. We do not apply
survey weights, which are an issue since the GSS began employing a two-stage subsampling design for nonresponse in 2004, as
we have to rely on the subsample that receives the ‘welfare’ spending question– or the ‘assistance to the poor’ variant, also examined
below – and our regressionmodels control for a range of demographics. For further information on GSS methodology, see www3.
norc.org/gss.

3This is not the case in all spending domains, of course, though a consistent expressed preference to reduce spending is
evident only for welfare and foreign aid. That said, we cannot easily interpret the neutral point, as discussed further below.
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systematic over-time trend. This may be most clear in the bottom panel of the figure, which
shows a measure of ‘net support’ – the proportion of respondents saying they prefer ‘more’
minus the proportion saying they want ‘less’. Technically, there is a very slight positive trend
(see n. 4) even as spending has increased over time.

The absence of a systematic downward trend in preferences over the forty-year time period is
noteworthy because research shows that welfare spending preferences respond to policy change,
increasing in the wake of spending decreases and decreasing after spending increases.
What accounts for stationary preferences even as spending has increased substantially over

Figure 1. Relative preferences for welfare spending

164 Christopher Wlezien and Stuart Soroka

https://doi.org/10.1017/S0007123419000103 Published online by Cambridge University Press

https://doi.org/10.1017/S0007123419000103


time?4 Answering this question is one primary goal of this article. There are hints in previous
research but no clear answer. There appears to be an underlying positive trend in preferences
for welfare spending over time, which research documents but does not explain (Soroka and
Wlezien 2010). There are possible suspects, of course, and some of these have been included
in previous research, such as economic conditions. As we will see, findings in that research are
not in complete agreement, and so it is not clear how the economy would produce a positive
trend. Recent research on growing income inequality would seem to predict a negative trend
over time (Kelly and Enns 2010). There are other suspects, namely, the changing composition
of the public, but this has not been the subject of previous research. This article incorporates
all of these factors in a single analysis.

The objectives of what follows are fourfold. First, we want to document that underlying pre-
ferences for welfare spending have changed over time. Second, we want to provide an accounting
of that change, focusing on both the evolving composition of the public and aggregate economic
conditions. Third, to make this assessment, we want – and need – to isolate the effects of these
factors, which we do by estimating a thermostatic model at the individual level that includes wel-
fare spending, thus allowing us to estimate the effects of various demographic variables and
macroeconomic indicators. Fourth, based on this analysis, we then want to quantify changes
in the public’s underlying preferred levels of welfare spending over time, and the specific contri-
butions each variable makes to this change, both the apparent trend and the variation around it.

We accomplish this through analyses of individual-level preferences for welfare using the data
illustrated in Figure 1. Our analyses reveal a steady increase in support for welfare spending over
the past forty+ years driven mostly by economic growth. Specifically, we find that the economy
has powerful, pro-cyclical effects on preferences for redistribution. That upward trend in prefer-
ences is partly offset by growing income inequality, which dampens support for redistribution, as
demonstrated in previous research (Kelly and Enns 2010). There also are counter-cyclical eco-
nomic effects owing specifically to unemployment, which produce short-term ebbs and flows
in support for welfare around the upward trend driven by long-term economic growth. These
findings effectively integrate – and refine – findings of previous research on the sources of public
preferences for welfare in the US and elsewhere (such as Durr 1993; Erikson and Tedin 2015;
Funk 2000; Kelly and Enns 2010; Kreps 1990; Margalit 2013; Naumann, Buss, and Bahr 2015;
Stevenson 2001). In so doing, they makes clear that macroeconomics are particularly impactful
and in ways that previous research has not clearly demonstrated.

Our analysis also highlights that the data in Figure 1 do not tell us how much welfare spending
the public wants. The question asks for preferences relative to current levels of spending, after all,
and this complicates a comparison of policy support over time. To be clear: although in Figure 1
it appears that the American public is roughly as supportive of welfare spending now as in 1990
and the mid-1970s, this really is not the case, as spending levels increased dramatically over this
time period. We know that saying ‘about right’ in 2016 is not the same thing as saying ‘about
right’ in 1976. We thus can infer that the public has supported higher levels of welfare spending
over time. This is critical not just for those interested in trends in welfare attitudes, but also for
work that uses measures of relative preferences to indicate policy support (such as Bartels 1991,
2015; Bartle, Delleliane-Avellaneda, and Stimson, 2011; Erikson, MacKuen, and Stimson, 2002;
Gilens 2012; Gilens and Page 2014; Monroe 1979, 1998; Soroka and Wlezien 2010; Stimson
1991, 2004; Weissberg 1978; Wlezien 2017).

4Note that the Augmented Dickey Fuller (ADF) test of Net Support (from the second frame of Figure 1) rejects the null of
nonstationarity (ρ – 1 =−0.57, p = 0.03) and the KPSS test, using Newey-West automatic bandwidth selection implemented
in Stata, does not reject the null of trend stationarity (p > 0.10). The ADF provides positive evidence of a trend, namely, a
slight, statistically significant increase over time, as noted in the text, though the estimate is sensitive to the starting point
of the series, particularly before/after the transition quarter between fiscal years 1976 and 1977 specified in the
Congressional Budget Act. To conduct the ADF tests, we ignore the numerous (14) missing observations (see footnote 2),
which, while imperfect, allows analysis of 27 observations instead of 12.
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Analysis (below) of the data in Figure 1 reveals a clear over-time increase in public support for
redistribution in the US. This is not to say that Americans are universally supportive of redistri-
bution, of course; it also does not mean that support for redistribution is highest when it is most
needed. Understanding the nature of public preferences for welfare spending requires a careful
consideration of opinion data alongside aggregate economic trends. And that consideration
points to both anti- and pro-redistributive tendencies in the American public.

In sum, results contribute to both what we know about preferences for welfare spending, and
how we understand public preferences for policy more generally. While we focus on welfare
spending in the US, the approach may be applied fairly directly to other spending domains in
the US and other countries, particularly those in which there is an evident trend in underlying
preferences (see Soroka and Wlezien 2010). Indeed, even as economic variables may not prove
as useful in all spending (and non-spending) domains, the general approach still can offer insight
into the dynamics of the public’s preferences. We return to this issue in the concluding section.

Conceptualizing preferences for (welfare) policy
Survey organizations typically measure respondents’ relative preferences for spending, their pre-
ferences for spending change. Specifically, they ask about whether the government is spending
‘too little’ or ‘too much’. The item thus asks respondents to compare their absolute preferences
and the policy status quo. The relationship between relative preferences and policy has been set
out in some detail in past work on thermostatic public responsiveness (such as Wlezien 1995,
2004). In theory, the public’s relative preferences (R) represent the difference between their
ideal policy (P*) and actual policy (P), such that

R = P∗ − P (1)

By implication, responses change when the ideal policy changes; they also change when policy
changes.5 That is, responses are ‘thermostatic’.

A growing body of work finds evidence of thermostatic responsiveness, at least for some issues
(Bartle, Dellepiane Avellaneda, and McGann, 2018; Eichenberg and Stoll 2003; Enns and
Kellstedt 2008; Erikson, MacKuen, and Stimson, 2002; Jennings 2009; Soroka and Wlezien
2010; Ura and Ellis 2012; Wlezien 1995; Wlezien and Soroka 2012). In some domains there is
little to no evidence of a thermostatic relationship between opinion and policy, and even
where evidence exists, the effect size is not the same. There is evidence of such an effect in the
US welfare spending domain, and confirmation that the public responds specifically to spending
in that domain, not to the general flow of spending across the range of social programs (Wlezien
1995, 2004). As shown in the Appendix, updating that analysis through 2016 confirms these pat-
terns.6 In other words, welfare spending preferences are substantially unique, not the mere reflec-
tion of a single overarching public ‘mood’ in spending, and specific responsiveness to welfare
spending – not broader social spending – in part accounts for that domain-specificity. This
makes more meaningful our investigation of preferences in the domain.

Now, equation 1 highlights a point made in the introduction of this article: relative preferences
(R) and absolute preferences (P*) are not the same things. Ignoring the difference, that is, treating
relative preferences as though they are absolute, clearly would be problematic. This is not to say

5These relationships are not linked to change specifically – they are true for levels as well. So we might just as easily write
that responses differ when the ideal policy differs; they also differ when policy differs.

6The Appendix contains two sets of related results. First, in Appendix section A, factor analysis of aggregate spending pre-
ferences between 1972 and 2016 indicates that, while welfare preferences correlate positively with those in other social
domains, they also exhibit substantial (46 per cent) unique variance. Second, in Appendix section D, regression analysis
of welfare spending preferences that includes spending in a set of social domains shows that the public responds only to wel-
fare spending, not to the trend in the set of related areas.
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that people have absolute preferences for policy, that is, the levels they prefer. Almost no one can
say exactly how much they think should be spent on welfare. An ‘ideal’ level – or range of levels –
that would satisfy them presumably does exist, however. The idea is very much in line with
Stimson’s (1991) ‘zone of acquiescence’, where a range of policy choices would have the public
saying that policy is ‘just right’.7 In short, the argument there, and here, is that in most policy
domains absolute preferences are difficult, and maybe even impossible, for respondents to
express; not that there is no such thing as an absolute preference.

How has past work dealt with absolute preferences? One way to capture these is with proxies,
such as economic measures. Work taking this approach typically does not actually acknowledge
the connection between the measures and absolute preferences – researchers simply include
macroeconomic measures as controls. To the extent these variables predict relative preferences
controlling for policy, one can infer that they at least partly capture underlying absolute prefer-
ences. (See above for references to past work on this issue.)

Thus there is work that deals with absolute preferences, at least implicitly; that is, the connec-
tion between survey measures and absolute preferences typically is not directly considered. Our
objective here is to explore relationships between economic measures and relative preferences, as
a way of both revealing and explaining absolute preferences. Doing so allows us to speak both to
(a) methodological issues in capturing absolute policy preferences and (b) the sources of prefer-
ences for welfare spending, a salient and important domain, and one for which we have reliable
measures of relative preferences, proxies for absolute preferences and spending itself.8

Modeling preferences for welfare spending
Our analysis of welfare spending preferences builds on the thermostatic model depicted in
Equation 1. Because we cannot directly capture the public’s ideal policy (P*), and because the
variables are measured using different metrics, it is necessary to rewrite the equation as follows:

Rt = a+ b1Ut + b2Pt + et, (2)

where R is the public’s relative preference for policy, P is current levels of policy and U is a set of
additional exogenous variables affecting R. To be clear: Equation 2 differs from Equation 1 only
slightly – R is a function of P but we rely on proxies (U) for P*.

The thermostatic model initially was conceived to apply longitudinally, where relative prefer-
ences respond dynamically to policy and other factors over time (t). But the model can apply
across space as well, that is, we can introduce subscript j to indicate units:

Rjt = aj + b1Ujt + b2Pjt + ejt, (3)

either at particular points in time or across time (Wlezien and Soroka 2012). The model can be
adapted to fit individual-level analyses as well, as follows:

Rit = ai + b1Uit + b2Pit + eit, (4)

where i denotes survey respondents. Just as we can look at variation in R across space ( j), we can
look at variation in R across individuals (i), based on varying levels of policy (P) and other factors

7The tendency relates to the ‘Goldilocks principle’, which is fairly widely recognized in the social sciences, for example,
Goldilocks pricing. And note that we would amend his characterization somewhat to reflect the likelihood that people
would prefer policy closer to the middle of the zone than at its edges. Also see Key’s (1961) characterization of opinion ‘dikes’.

8As noted earlier, welfare spending is a domain for which preferences are specific to the area, that is, they are not driven
solely by the global forces of policy mood (Wlezien 1995; 2004). This is of obvious importance when modeling absolute pre-
ferences for spending in the particular area. Also see footnote 16 and the associated discussion in the Appendix, section D.
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(U), including various individual-level characteristics, at time t. This is the micro-level variant of
the more common macro-level thermostatic model, and is the basis for the analysis that follows.

In our investigation, the dependent variable, Ri, represents individuals’ responses to the relative
preference question described above. It is a trichotomous variable tapping support for less, the same
and more spending, and varies across both individuals and years. These are the same GSS data used
to produce Figure 1 above, although in this case we assess stacked individual-level data, that is, a ser-
ies of repeated cross-sectional surveys, in which the respondents are different from one survey to the
next. This allows us to account for the contribution of individual-level characteristics to the trend in
spending preferences over time. It is necessary to account for spending, which wemeasure using per
capita national welfare appropriations in 2009 USD, for which reliable data are available since fiscal
year 1976.9 The measure clearly varies over time but is the same for all individuals in a given year.

We have argued that, because it shows relative preferences, Figure 1 obscures what must be a
large over-time increase in absolute preferences for welfare spending. Accounting for context thus
is critical. We focus on the economic climate here, using various measures (for U) based on pre-
vious research. We rely first on measures used in previous analyses of the public’s policy prefer-
ences – unemployment and real per capita GDP (in thousands of 2009 USD).10 Based on some
previous research, we would expect increasing unemployment to lead to greater demand for
spending (Erikson, MacKuen, and Stimson, 2002). This expectation is highly intuitive, and has
roots in basic self-interest, where the unemployed are expected to be more supportive of govern-
ment welfare (Margalit 2013; Naumann, Buss, and Bahr 2015). There are reasons to expect a
‘sociotropic’ effect as well, where the employed themselves demand more spending when
unemployment increases, owing to the effects of broader societal interest (Funk 2000; also see
Erikson and Tedin 2015).11 Based on other previous research, we would expect per capita
GDP to increase demand for spending (Durr 1993; Stevenson 2001). This expectation also is
intuitive, if less obvious, and relates to what in economics is referred to as an ‘income effect’,
where demand for goods varies with discretionary income (Kreps 1990). Note that the expecta-
tions relating to the two economic variables contrast, in that the former is counter-cyclical and
the latter is pro-cyclical. Of course, it may be that both are at work. We also include a measure of
income inequality in the model, namely, the Gini index (see n. 10). This is less typically found in
analyses of the public’s policy preferences, but is especially relevant given our current focus on
welfare spending. Following the logic of redistribution, we might expect that, as inequality
increases, support for welfare spending also increases. Recent empirical work nevertheless sug-
gests a very different link between income inequality and public preferences, whereby increasing
inequality leads to support for less spending on welfare (Kelly and Enns 2010).12 While counter-
intuitive on its face, there is a self-interest logic for such a pattern, at least among segments of the

9The data are from table 5.1 of the Historical Tables published by the Office of Management and Budget (OMB), as of June
2018. In line with Wlezien (1995), we rely on ‘income security’ minus three subcategories: ‘general retirement and disability
insurance’, ‘federal employee retirement and disability’, and ‘unemployment compensation’. This leaves ‘housing assistance’,
‘food and nutrition assistance’ and ‘other income security’, the latter of which includes Supplemental Security Income and
earned income credit but also child credit, temporary assistance for needy families, and Making Work Pay. There are various
other accounts under other income security, but those listed above add up to approximately 90 per cent of ‘other’ income
security spending. Logging the spending variable does not alter the direction or significance of any of the estimated coeffi-
cients. See Appendix Table A6.

10Unemployment is drawn from the FRED database (UNEMP) and real GDP is from the OMB’s Historical Tables (table 10);
theGini index, introduced below, is from theUSCensus Bureau (table A-2 SelectedMeasures ofHousehold IncomeDispersion).
All measures are the versions distributed as of June 2018. These measures are correlated to varying degrees over time. We thus
have to keep inmind that anyone coefficient estimate is conditional on the impact of other related and sometimes countervailing
indicators.

11The expectation also fits with the economic function of government relating to stabilization (Musgrave 1985).
12Including the Gini index may introduce issues of endogeneity, since the level of inequality will be driven in part by

spending on welfare, which may reflect preferences for spending. It is not clear how this would account for the negative rela-
tionship Kelly and Enns (2010) found, and excluding the variable also makes little substantive difference to the estimates for
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population who would be expected to pay for the additional spending. That the pattern appears to
hold across income groups (see Kelly and Enns 2010) implies that the mechanism is not entirely
or even mostly self-interest.

Finally, our models include a host of demographic variables, based largely on existing work
examining individual-level variation in support for redistributive policy (especially Margalit
2013, alongside other research referenced above). Specifically, we include: age (in years),13 gender
(binary, where 1 = female), education (categorical, with binary variables for high school and more
than high school with less than high school as the residual category),14 work status (categorical,
with binary variables for unemployed and other with employed as the residual category), family
income (categorical for quartiles, with the first quartile as the residual category), race (categorial,
with binary variables for Black and Hispanic with White as the residual category), and region
(categorical; regions are shown in Table 1, and New England is the residual category). Our
aim here is to explore exogenous sources of policy preferences, so we do not include partisanship
in these models. That said, including party ID makes little difference to the coefficients for the
other variables in the model – see Appendix Table A3.

Analyses of relative preferences
Table 1 shows results for themodel of support for welfare spending. Despite having a three-point scale
as our dependent variable – less, same, more –we present results using a simple GLSmodel. Doing so
simplifies the interpretation of coefficients and also is helpful with someof themacro-level estimations
that follow. We nevertheless include ordered logit results in Appendix Table A2, in which the pattern
of results is very similar, confirming that the results presented here are not the product of using a linear
model. Given the panel structure of our data, models include either yearly random effects (for GLS
models) or clustered standard errors (in the case of ordered logit).15

To begin, notice in Table 1 that per capita welfare spending has the expected thermostatic effect
on preferences for more spending, as the coefficient (−0.055) is significantly less than 0. Other
things being equal, increases (decreases) in welfare spending lead to decreases (increases) in relative
preferences for policy.16 The magnitude of the coefficient suggests the following: a $191 increase in
per capita welfare spending (which is a one-standard deviation change in spending in our sample) is
associated with an average 0.11-point decrease in support for more spending. Put differently: the
range in per capita spending over the time period investigated here – roughly $640 (from $400 to
$1,040) – accounts for a 0.35 shift in spending preferences over the time period, 89 per cent of
the total range of spending preferences – 0.39 points – over the same period.

Other factors matter for relative spending preferences as well. Demographic variables are
important, particularly age, race, ethnicity and income. Effects are in line with what past work
has shown: for instance, age and income tend ceteris paribus to be negatively correlated with sup-
port for welfare spending, and non-Whites tend to be more supportive of welfare spending. We
do not wish to interpret these coefficients in much detail here, since there is a good deal of pre-
vious work focusing on the individual-level correlates of welfare state support. Nevertheless, each

the other economic variables, as we will see. Given all of this, as well as the fact that the including the Gini Index allows us to
account for the underlying trend in preferences, we retain the variable in the model.

13Note that we test alternative specifications for age. Details are included in Appendix section H.
14We also test alternative specifications for education; see Appendix section H.
15Some might find GLS estimation a conservative approach, though we note that it makes almost no difference to the

results. Given that respondents in each year share a common (correlated) experience that can impact estimates, we report
the GLS results in the body of the article.

16Note that we can test directly the possibility that welfare preferences are responding to welfare spending rather than gen-
eral social spending by including the latter in our models. See Appendix Table A4 for the results of that analysis, which show
that responsiveness in the welfare spending domain is specific, based on the more fully specified model, in column three of
Table 1, described below. These findings confirm what has been demonstrated in previous research (Wlezien 1995; also see
Wlezien 2004).
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of these micro-level factors does help account for differences across individuals and may help
explain variation over time as well, to the extent that distributions of characteristics have changed
over time. (See for instance Appendix Figure A1, which examines the racial and ethnic compos-
ition of the GSS over time.)

For our purposes, the central result in the first column of Table 1 is the statistically significant
trend. The coefficient (0.011) reveals upward movement in absolute preferences (P*) that is only
implicit in Figure 1. It implies that the demand for welfare spending has increased in a fairly con-
sistent way over time, in line with previous research (Wlezien 1995; Soroka and Wlezien 2010).
The effect, while seemingly small, actually implies nearly half a point increase in the mean
response over the 1976–2016 period, which is one quarter of the theoretical range of the variable,
and is substantial in terms of spending, as the depictions that follow make clear. Note that we can
translate this over-time effect of trend into spending amounts based on the coefficient for per
capita spending (−0.055), which implies an increase in the underlying preferred level of about
$800 (2009) per capita, an amount that is larger than the mean level of spending during the per-
iod (roughly $675).17 Having statistically documented this trend in spending preferences, let us
see whether our economic variables account for it. The second column of Table 1 reports results
that include unemployment and per capita GDP in the model. This allows us to begin to directly
assess whether and to what extent macroeconomics account for the increasing demand for wel-
fare spending over time.

Table 1. Modeling relative preferences, across individuals and time

Relative preferences for spending: B (s.e.)

Column 1 Column 2 Column 3

Spending (100s, per capita)t −0.055*** (0.007) −0.068*** (0.007) −0.075*** (0.005)
Time trend 0.011*** (0.001) −0.026*** (0.006) −0.004 (0.005)
Unemploymentt 0.062*** (0.011) 0.044*** (0.007)
GDP (1,000s, per capita)t 0.069*** (0.011) 0.061*** (0.008)
Gini (*100)t −0.080*** (0.011)
Female 0.007 (0.009) 0.008 (0.009) 0.007 (0.009)
Age −0.003*** (0.000) −0.003*** (0.000) −0.003*** (0.000)
Education (HS) −0.091*** (0.013) −0.091*** (0.013) −0.090*** (0.013)
Education (HS + ) 0.012 (0.015) 0.012 (0.015) 0.014 (0.015)
Work: Unemployed 0.201*** (0.026) 0.199*** (0.026) 0.198*** (0.026)
Work: Student/home/retired 0.113*** (0.012) 0.113*** (0.012) 0.112*** (0.012)
Family income: 2nd Quartile −0.178*** (0.013) −0.178*** (0.013) −0.178*** (0.013)
Family income: 3rd Quartile −0.237*** (0.014) −0.238*** (0.014) −0.238*** (0.014)
Family income: 4th Quartile −0.258*** (0.015) −0.258*** (0.015) −0.260*** (0.015)
Race: Black 0.374*** (0.014) 0.374*** (0.014) 0.374*** (0.014)
Race: Hispanic/other 0.128*** (0.022) 0.127*** (0.022) 0.128*** (0.022)
Region: Mid Atlantic −0.077** (0.024) −0.079** (0.024) −0.077** (0.024)
Region: EN Central −0.054* (0.024) −0.056* (0.024) −0.055* (0.024)
Region: WN Central −0.055* (0.027) −0.056* (0.027) −0.056* (0.027)
Region: S Atlantic −0.093*** (0.024) −0.095*** (0.024) −0.094*** (0.024)
Region: ES Central −0.104*** (0.028) −0.105*** (0.028) −0.104*** (0.028)
Region: WE Central −0.101*** (0.026) −0.102*** (0.026) −0.100*** (0.026)
Region: Mountain −0.055* (0.028) −0.056* (0.028) −0.056* (0.028)
Region: Pacific −0.045 (0.025) −0.047 (0.024) −0.045 (0.024)
Constant 2.151*** (0.044) −0.056 (0.354) 3.467*** (0.539)
N 26,290 26,290 26,290
N (groups) 27 27 27

Cells contain coefficients and standard errors from an GLS regression estimated with random effects for years. Ordered logit models are
included in Appendix Table A2. *p < 0.05; **p < 0.01; ***p < 0.001.

17That is, the trend coefficient (0.011) implies an increase of 0.44 over the period (40 times 0.011) and the spending
required to equalize this increase equals 0.44 divided by the coefficient of feedback (0.055) multiplied by $100, as the spend-
ing units are in hundreds.
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Notice first from the second column of Table 1 that controlling for the two variables increases
the magnitude of estimated thermostatic responsiveness by 25 per cent, from −0.055 to −0.068.
The impact of the two macroeconomic variables themselves actually is complex, however. Based
on the positive, statistically significant coefficient (0.069), increases in per capita GDP are asso-
ciated with increases in support for spending. This is a pro-cyclical effect, one that comports with
most of the literature (see Durr 1993; Stevenson 2001; Wlezien 1995); that is, as the economy
expands, public support for more government appears to increase.18 Based on the positive, stat-
istically significant coefficient (0.062) increases in unemployment also are associated with
increases in support for spending, a clear counter-cyclical effect, which fits with other research
(Erikson, MacKuen, and Stimson 2002).19 Since the two variables tend to move together inversely
over time, the effects partly contrast and to some degree cancel out. The impact of unemploy-
ment, while important, only dampens the positive effect of GDP, as the latter substantially out-
weighs that of the former.20

Note also that the macroeconomic variables added in column 2 completely account for the
positive trend we saw in column 1 of Table 1.21 Indeed, in column 2 the linear trend variable
has a negative, statistically significant effect (−0.026) on welfare spending preferences. This
may surprise, but keep in mind that we have not included the Gini index, which has trended
upward over time and has been shown in previous research to negatively influence support for
redistribution, as noted above. When we add that variable to the equation, in the third column
of Table 1, it has the expected negative effect, indicating that as inequality has increased, net sup-
port for welfare spending has decreased, other things, especially the economy and spending itself,
being equal.22 With the Gini index in the model, the estimated coefficient for the trend variable
(−0.004) is not distinguishable from 0. That is, our model now accounts for much if not all of the
underlying positive trend in the public’s welfare spending preferences.23

18There is an interesting related literature on economic conditions and postmaterialist values; see Clarke and Dutt 1991;
Duch and Taylor 1993; Inglehart and Abramson 1994).

19Note that the model does not contain a measure of prices, as the coefficient for the consumer price index (CPI) is not
statistically significant (b = 0.001; s.e. = 0.002), and including it makes little difference to the other estimates included here and
adds no explanatory power. Given this, and also its correlation with the other trending variables in the equation, we exclude
the variable from the analyses reported in the text.

20This is relatively easy to examine. Here is an example using the GLS coefficients for GDP and unemployment from the
second model in Table 1. A one-standard deviation increase in within-sample per capita GDP (7.245) is associated with an
average 0.500 impact on Net Support (based on multiplying 7.245 by the coefficient for per capita GDP, 0.069). Over this time
period, a one-standard deviation increase in per capita GDP is associated with an average −0.667 decrease in unemployment
(based on multiplying 7.245 by −0.092, the coefficient for per capita GDP from an OLS regression of unemployment on per
capita GDP, using annual data). That 0.667 decrease in unemployment produces an average −0.041 shift in Net Support
(−0.667 multiplied by the coefficient for unemployment in Table 1, which is 0.062). Overall, then, the resulting shift in
Net Support is +0.459 (0.500–0.041). The positive impact of GDP thus appears to overwhelm the negative impact of
unemployment.

21Additional modeling suggests that it actually is GDP alone that accounts for the positive trend, which might help explain
the trend found in other spending domains (Soroka and Wlezien 2010).

22Note that when added to the model, the poverty rate has a positive but insignificant effect (b = 0.011, s.e. = 0.010) and the
other estimates change trivially and insignificantly.

23To further assess the significance of the trend estimate in the face of multicollinearity with per capita GDP, we decom-
pose the latter into two components – one predicted by trend and the remaining, residual component – and then substitute
these into the model. Re-estimating an otherwise identical regression to that in column 3 of Table 1, though now excluding
time, which is perfectly collinear with the predicted component of per capita GDP, produces a coefficient of 0.055 (s.e. =
0.004) for the predicted component and 0.062 (s.e. = 0.008) for the residual component, very similar estimates that are
not significantly different statistically (p = 0.47). Also note that the null effect of trend is evident in annually aggregated pre-
ferences: the coefficients for GDP (0.060) and unemployment (0.046) are positive and statistically significant, the coefficient for
Gini (−.081) is negative and statistically significant, and the coefficient for trend (−.003) is less than 0 and not statistically sig-
nificant. Finally, note that the aggregate welfare spending preferences time series pretty clearly is stationary (see footnote 4), that
spending and the Gini index appear to be integrated (with a trend), GDP seems trend stationary and unemployment stationary,
and aggregations of certain respondent demographics also may be integrated. This implies that preferences may be the linear
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What, in sum, do these results tell us about welfare spending preferences over the past forty
years? First, there clearly has been an upward trend in spending preferences. Second, that
trend reflects a combination of economic factors. Upward movement in per capita GDP has
been the most important factor – increases in Americans’ welfare spending preferences are in
large part a pro-cyclical reaction to the expanding economy, which has trended substantially
over time, alongside a somewhat weaker counter-cyclical reaction to unemployment. Were
Americans responding to GDP (and unemployment) alone, however, support for welfare spend-
ing seemingly would be even greater. But, as we have seen, the positive trending impact of macro-
economics has been muted by growing income inequality, which also has trended upward over
time and led people to be less supportive of redistribution, other things being equal. This seem-
ingly perverse result is in line with work by Kelly and Enns (2010) on the self-reinforcing nature
of income inequality preferences.24 Taken together, the contrasting effects of trends in these two
variables still is positive; that is, the effect of GDP overwhelms the effect of the Gini index. And, to
be clear, the results imply that the effects of GDP and the Gini index owe not just to their upward
trends over time but also to the variation around those lines.25

Decomposing relative preferences

Just how much of the variance in support for spending is accounted for by spending or macro-
economics, income inequality and demographics? Answers to this question provide information
about how and why the public’s underlying preferences for welfare spending evolve over time.
Table 2 shows the R-squareds for a stepwise series of models of relative preferences, following
the specification in the final column of Table 1.

The first row shows results from a model of relative preferences that includes just demographic
and regional variables. These variables account for rather little of the variation in relative prefer-
ences – about 23 per cent of the between-year variance, and 6.3 per cent of the within-year
(individual-level) variance.26 The explanatory power of demographics for between-year variance

combination of some integrated series – together with other stationary variables –much as is implied by the thermostatic model,
in which case the equation would be balanced (see Enns andWlezien 2017). Directly diagnosing the combination on the right-
hand side is difficult given the numbers of time-serial observations and potential variables, but see footnote 32. Importantly,
estimating a first differences – and error correction – model of aggregate preferences produces coefficients for spending and
the economic variables that are statistically significant and have the same signs as those from a regression in levels, and are simi-
larly-sized. This implies that the results of our analysis are not dependent on our modeling assumptions.

24Other variables might have produced the same effect, including trust in government, which trended downward over the
period, though note that adding Hetherington and Rudolph’s (2015) aggregate measure to the model produces a small and
insignificant coefficient (p = 0.24) and only marginally (and insignificantly) changes the estimated effects of the Gini index
and the other economic variables. There are strong correlations between the economic measures, however, and so there thus
is reason for care in the interpretation of their estimated effects in Table 1. This is particularly true for the Gini coefficient and
GDP, which trend upwards steadily over time. (The correlations between either of these two measures and a linear time trend
are 0.97 and 0.98.) Excluding one macroeconomic variable thus may shift the coefficients for others, and so it is important to
note that the finding that preferences are pro-cyclical (and effectively ‘pro-inequality’) does not change as variables are
dropped or added to the model. The predictions of the model – critical to estimations in the sections that follow – also change
only marginally with different combinations of macroeconomic variables. That said, the negative effect of the Gini evident in
Table 1 holds only when other positively trending variables are in the model; indeed, the coefficient turns positive and is
significantly different from 0 when both GDP and the linear trend variable are excluded. Importantly, the estimated effects
of the economic variables seen in column 3 of Table 1 all are unchanged when they (and spending) are detrended – see
Table A9 in the Online Appendix. Because detrended variables are used in that analysis, the net effect of trend in the different
variables is directly evident from the estimate for the yearly counter variable, which is positive and statistically significant as a
result.

25This is clear since if only the upward trend mattered, we would not expect macroeconomics to matter independent of the
trend variable; nor would we expect both per capita GDP and the Gini index to matter at the same time. Also see the results of
analysis that detrends spending and the economic variables discussed in n. 24.

26Including attitudinal variables does not take us much further in explaining the individual-level variance. For instance, we
can estimate the models adding results from one welfare-related question asked consistently over the time period analyzed
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suggests that some of the over-time change in preferences is a product of demographic change.
Given what we have seen in previous models, as the American population – or at least the survey
sample – becomes more educated over time, expressed preferences for welfare spending should
shift leftward. And, as noted above, changes in the racial and ethnic composition help account
for the between-year variance (see Appendix Figure A1).27

Subsequent rows in Table 2 show the proportion of variance explained by models that add
macroeconomics, the Gini index and spending. There are no differences in the proportion of
within-year variation explained here – after all, we are adding variables that only vary over
time. But the proportion of between-year variance explained jumps dramatically when macroeco-
nomic and spending variables are added to the model. It is important to note that only together
do they have strong explanatory power. (See the drop in between-year variation explained when
spending is included without macroeconomics, in the final row.) With both spending and macro-
economics included, however, the model accounts for just over 90 per cent of the between-year
variance in relative preferences.28 Indeed, it is not even clear that the variance that remains is real
and not mere survey error.

Simulating absolute preferences
Clearly, spending, macroeconomics and income inequality all are important to relative prefer-
ences for welfare spending. This is exactly as we would expect if economics drive the public’s
underlying absolute preferences. The strength of the models in Table 1, at least where across-year
variance is involved, also allows us to explore what aggregate absolute preferences might look like
over time. That is, we are able to use the model of relative preferences in Table 1 to impute the
underlying level of absolute preferences.

Our approach is as follows. We begin with the final model of relative preferences for spending
in Table 1. We then use the coefficients from that model to calculate estimates of P* by including
various combinations of the predictors, as depicted in Figure 2. (Note that complete syntax for
this, and all other analyses, is available through the Harvard Dataverse.) A first line shows the
predicted value of P* when we use just the coefficients for the demographic variables and
their observed values over time. This results in a slight upward trend in the estimated P*. The

Table 2. How much variation can we explain?

Stepwise R-squared

Within Between Overall

Demographics and regions 0.063 0.229 0.065
+unemployment & GDP 0.063 0.269 0.072
+Gini 0.063 0.373 0.074
+Spending 0.063 0.923 0.088
(Spending w/o macroeconomics) 0.063 0.457 0.065

Based on random-effects GLS regressions. N = 26,290.

here, ‘Some people say that people get ahead by their own hard work; others say that lucky breaks or help from other people
are more important …’ Including responses to this question increases the within-year variance explained in the
‘Demographics and regions’ model from 0.063 to 0.068. (Though note that we also lose nearly 40 per cent of the cases
due to missing responses on this variable; when estimated for the same set of observations, the explained within-year variance
goes from 0.063 to 0.066.)

27Note that the impact of demographics on over-time change is also consistent with work on cohort effects in redistribu-
tive preferences. See Giuiliano and Spilimbergo (2014), Neundorf and Soroka (2018).

28Note that the fact that spending and macroeconomics (and trend) explain more over-time variation than demographics
is not surprising given how much these variables change over time. What strikes us here is that the aggregate-level variables
account for so much of the variation.
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real difference comes when we add the economic variables. Including per capita GDP and
unemployment produces estimates for P* that trend steadily upwards. Adding the Gini index
dampens that upward trend.29 The importance of macroeconomics and inequality in capturing
over-time variance in P* is made particularly clear when we estimate P* when we also include
the residuals from the model of R, that portion of welfare spending preferences for which our
model does not account. There clearly is some additional variation there, particularly in the
mid-1980s to mid-1990s, but the overall trend is not fundamentally different, usually indistin-
guishable. Indeed, the correlation between the two aggregate-level series is a 0.96. Most of the
over-time variation in P* clearly is accounted for by our economic variables.

Figure 3 shows the estimated P* series (without the residual component) alongside the survey
measure of R. Here we illustrate both relative and absolute preferences together, and we do so to
make clear how different the two series are. Relative preferences move up and down over time, in
response to the combination of P* and P. P*, on the other hand, trends upwards. The two series
are correlated at 0.62, which implies that only a little more than a third of their variance is com-
mon. It makes clear how using measures of R to capture P*, besides being theoretically tenuous,
would pose empirical problems, not just for our welfare spending question, but potentially for a
wide range of survey questions tapping ‘relative’ support for policy.

Estimating the ‘preferred’ level of spending
We know that the public’s underlying absolute preferences for welfare spending change and have
increased over time. But how much spending satisfies the public at each point in time? We cannot
say for sure based on our analyses, as we do not have a direct measure of P*, at least not in dollars.
We seemingly can infer it from our results, however – we can estimate the amount of spending
that would, holding other things constant, lead to the average respondent preferring the spending

Figure 2. Estimated absolute preferences for welfare spending

29We do not make predictions for years in which data are not available, though drawing lines through the available data in
Figure 3 (and in subsequent figures as well) effectively interpolates values for missing cases.
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status quo. This is the amount required to predict a mean spending preference of ‘2’, that is, ‘the
same’ rather than ‘more’ (3) or ‘less’ (1), in each year. The approach is implied by the survey ques-
tion itself, which asks about the congruence between the spending they want and the spending
they get, and is the assumption underlying work on majoritarian ‘consistency’ (Brooks and
Manza 2007; Gilens 2012; Monroe 1979; Petry 1999; Weissberg 1978) and provides the basis
for Bartels’ (2015) assessment of the democratic deficit across countries.30

The prediction of P$∗1, the level of welfare spending that would produce a mean Rt of 2, is
relatively straightforward.31 We begin with a simple time series model of Rt regressed on both
spending (Pt) and the estimated absolute preferences (̂P∗

t ) series illustrated in Figure 3:

Rt = a + b1Pt + b2
̂P∗
t + et . (5)

This is an aggregate level equation and is estimated using the annual values of net preferences (R,
illustrated in the bottom panel of Figure 1), the annual values of P* (illustrated in Figure 3) and
annual spending figures (P).32 The coefficient for spending (β1) indicates the shift in R that fol-
lows from the one-unit increase in spending (P); 1/β1 thus is the amount of spending required to

Figure 3. Relative and implied absolute preferences for welfare spending

30If people say ‘about right’, after all, they seemingly are happy with the status quo. By contrast, if they say ‘too little’ or ‘too
much’, they are indicating that they prefer policy change. The assumption also is reflected in Ellis and Stimson’s (2012) char-
acterization of ‘conflicted conservatives’ – those who think of themselves as conservatives but support liberal spending
policies.

31This does assume that the model applies out of sample, as the mean value of Rt never does reach 2.0 in our data – see
Figure 1.

32Specifically, the dependent variable is the mean preference in each year. The resulting equation is
Rt = 0 .526+−0.072Pt + 0.982 ̂P∗

t + et , where all coefficients are significant at p < 0.001; N = 27. Here, the time series of
preferences is the linear combination of two seemingly integrated but jointly stationary series, which is supported by an
ADF test of residuals from a regression relating the right-hand side variables (ρ – 1 = −.42, p < .10); also see footnote 23.
Note that, rather than using aggregated preferences, we can estimate the coefficients using an individual-level model, as in
Table 1, and doing so produces essentially the same results, as it should.
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produce a one-unit increase in R.33 In each year, then, P$
∗
1t – the estimated level of spending that

would be required for predicted values of Rt(̂Rt) to be equal to 2 – is:

P$
∗
1t = Pt + (2− ̂Rt)

b1
. (6)

The results are shown in Figure 4, which plots the predicted P$∗1 (the thick solid line) alongside
actual spending levels (the thin dotted line). We ignore the thick dashed line for the time being
and discuss it below. In the figure we can see that predicted P$∗1 closely parallels spending across
the time period, with a correlation of 0.75. The variable is consistently lower than the actual level
of spending, however.34 This implies that politicians – both Democrat and Republican – always
provide more welfare spending than the public wants. The pattern is surprising, particularly given
research that implies that politicians are more responsive to the rich (such as Bartels 2008; Gilens
2012; Gilens and Page 2014; but see Branham, Soroka, and Wlezien 2017; Brunner, Ross, and
Washington, 2013; Ellis 2017; Enns and Wlezien 2011; Rigby and Wright 2013). If we take the
neutral point from the response categories seriously, it looks like the poor, who favor the status
quo on balance, are better represented on welfare (also see Wlezien 2017).

We cannot take the scale of relative preferences at face value, however. Question wording
introduces problems. To begin with, there is the classic problem relating to policy labels, as
the difference between support for spending on ‘welfare’ and ‘the poor’ differ dramatically, mostly
in the form of an intercept (Rasinski 1989). There also is an assumption that the measures of
spending match the public’s conception of the particular areas, for example, that the programs
in a measure of welfare spending actually are the same as the programs that the public thinks
of as welfare spending. In addition to the labels, the spending question registers people’s uncon-
strained preferences, with no trade-offs between spending on different programs, between spend-
ing and taxes, or between spending and deficits. Hansen (1998) has shown that taking these into
account produces very different spending preference distributions, and greater support for the
status quo.

What then is the correct neutral point? Instead of basing our estimate of P$* on the middle
response category in the survey question, we can instead scale based on the mean, or long-term
equilibrium, value of R.35 The assumption makes sense if policymakers on average represent the
median respondent over time, perhaps providing more than is wanted at some points in time and
less than is wanted at others, but in a way that nets out. Of course, the assumption may not be
true. That is, it may be that policymakers consistently represent the rich, in which case welfare
spending could end up consistently below what the average person wants (see Bartels 2008;
Gilens 2012; also see Soroka and Wlezien 2008).

This is less of a problem than one might think, and for three reasons. First, it is not clear that
policymakers only or even mostly represent the rich (Branham, Soroka, and Wlezien 2017; Enns
and Wlezien 2011). Second, the middle and the rich have very similar welfare spending prefer-
ences, and so even if policymakers do represent the rich, welfare policy ends up pretty much in
line with what the average person wants (Enns and Wlezien 2011; Soroka and Wlezien 2008).
Third, research (Wlezien 2017) on presidential elections indicates that the opinion average is

33This is a mean effect, which presumably varies over the time period of our analysis owing to the level of spending (and
GDP). One way to take this into account is to divide 1/β1 by the mean of spending (�P) to produce a standardized measure,
that is, the proportional shift in spending that would produce a unit shift in R. The main effect of standardizing in this way is
to flatten estimated P$*, shifting values up early in the series and down later in the series. Here, we focus on 1/β1 using the
unstandardized estimate.

34Looking annually (and considering just those 27 years for which estimates of P$* are available), P$*1 is 42 per cent of
actual spending, on average; mean per capita spending is $644 (2009) and mean P$*1 is $269.

35Technically, the mean response (1.73) is just slightly greater than the equilibrium level (1.71) because of the case that is
dropped in the course of estimating the latter.
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the effective neutral point for the public, that is, incumbents are punished to the extent the public
mood drifts away – either above or below – the mean.36 There thus is good reason to suppose the
average welfare spending preference over time is the neutral point or close to it.

To produce these alternative estimates of P*, we substitute the mean welfare spending prefer-
ence (1.73) for the middling survey response value (2) in Equation 6. The resulting P$* series is
depicted using a dark dashed line in Figure 4. Here we can see that, while the original estimate
suggested that the government consistently spends more on welfare than the public wants, our
alternative measure suggests otherwise: government now appears to spend about the right
amount.37 Of course, this is by construction and, while there is reason to think the assumption
underlying it is correct, we cannot be sure. It thus is not absolutely clear that we have captured the
level of spending that the average person wants – or at least does not want to change – at each
point in time. It nevertheless does appear that we have captured the change in those preferences
over time, which is nicely reflected in the parallelism of the two series of estimates in Figure 4.

Conclusions
Motivated in part by the burgeoning literature on the relationship between public opinion and
policy, this article has explored the relationship between measures of relative and absolute prefer-
ences for policy. The existing literature does not always recognize the difference between relative
and absolute preferences, and we explicitly set out the difference here, building on work that
develops a thermostatic model of preferences. While it is much easier to directly measure relative
preferences than specific absolute preferences using opinion surveys, we still can get at the latter,
and have done so using proxies in analyses of relative preferences. Doing so in the case of welfare
spending makes clear that economic variables, which are often used (if only implicitly) as proxies
for absolute preferences, can tell us a lot about absolute preferences. Indeed, it is in large part due
to macroeconomic variables that we are able to identify change in absolute preferences over time –

Figure 4. Predicted absolute preferences and actual welfare spending

36Adopting a neutral point different from the mean performs worse the further the point is from the mean.
37The mean of this estimate of P$*2 is $6,424 per capita (2009) USD, just slightly higher than P.
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both pro-cyclically with the expansion of GDP and, to a lesser extent, counter-cyclically with the
variation in unemployment. This produces an upward trend in spending preferences that has
been muted by responses to increasing income inequality, tapped by the Gini index, though
the net effect of the economic variables still is positive. These variables – along with spending
levels themselves – almost completely account for over-time variation in welfare spending
preferences.38

Our results thus provide a glimpse at the absolute preferences that underlie the relative prefer-
ences that we observe directly, and on which much recent work on representation relies. In short,
absolute preferences for welfare (a) have been trending upwards (pro-cyclically) over the past
forty years and (b) are roughly in line with actual spending on welfare. We can effectively mon-
etize changes in those preferences over time; we are less confident estimating the underlying pre-
ferred levels of spending, however. For this, we would need to identify the public’s true neutral
point, which is debatable; although we think there are good reasons (discussed above) to suppose
that it is close to the mean preference across years, we cannot be absolutely sure.

The approach we have suggested here can apply beyond welfare, and beyond the US, of course.
Towards that end, it seems unlikely that economic variables will be equally useful across all other
spending domains. They might work in some areas, such as education and health, and other
proxies might work in other domains, including survey-based attitudinal measures, the effects
of which can be directly modeled, that is, using a thermostatic framework. Clearly, much work
remains, and hopefully we have provided useful guideposts.
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