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Although we share Bergman and Jean’s (2016) concerns about the represen-
tativeness of samples in the organizational sciences, we are mindful of the
ever changing nature of the job market. New jobs are created from techno-
logical innovation while others become obsolete and disappear or are func-
tionally transformed. These shifts in employment patterns produce both
opportunities and challenges for organizational researchers addressing the
problem of the representativeness in our working population samples. On
one hand, it is understood that whatever we do, we will always be play-
ing catch-up with the market. On the other hand, it is possible that we can
leverage new technologies in order to react to such changes more quickly.
As an example, in Bergman and Jean’s commentary, they suggested mak-
ing use of crowdsourcing websites or Internet panels in order to gain ac-
cess to undersampled populations. Although we agree there is an opportu-
nity to conduct much research of interest to organizational scholars in these
settings, we also would point out that these types of samples come with
their own sampling challenges. To illustrate these challenges, we examine
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sampling issues for Amazon’s Mechanical Turk (MTurk), which is currently
themost used portal for psychologists and organizational scholars collecting
human subjects data online. Specifically, we examine whether MTurk work-
ers are “workers” as defined by Bergman and Jean, whether MTurk samples
are WEIRD (Western, educated, industrialized, rich, and democratic; Hen-
rich,Heine, &Norenzayan, 2010), and how researchersmay creatively utilize
the sample characteristics.

Are MTurk Workers “Workers”?
Bergman and Jean’s focal article suggests that one possible solution for ob-
taining samples from nonprofessional/nonmanagerial working populations
is to make use of online crowdsourcing websites such as MTurk. Unlike
more traditional samples mentioned in the focal article, MTurk samples do
tend to be more diverse in terms of occupations. For example, Behrend and
colleagues (Behrend, Sharek, Meade, & Wiebe, 2011) reported a range of
professions including business and management (14.23%); computer, math,
and engineering (12.73%); office and administrative support (10.86%); sales,
service, and food (10.49%); education (6.37%); arts, design, entertainment,
sports, andmedia (7.12%); and healthcare (3.37%). In another study, Downs
and colleagues (2010) reported a similar pattern with science, engineering,
and information technology (24.71%); business, management, and finan-
cial services (14.36%); administrative support (10.27%); education (9%); art,
writing, and journalism (6.34%); service (5.75%); medical (3%); skilled la-
bor (1.75%); and legal services (1.25%). A more recent study by Harms and
DeSimone (2015) reported only a .12 correlation for industry representa-
tiveness when comparing MTurk samples and Department of Labor statis-
tics. Taken together, we can conclude that althoughMTurk samples aremore
professionally diverse, they tend be overrepresentative of technology-related
industries and still not all that representative of the working population as a
whole. Nonetheless, it is still possible thatMTurk samples may provide some
needed sampling diversity.

In addition, it should be noted thatMTurk samples are somewhat unique
in that they often contain a relatively large percentage of subjects who are
currently unemployed (Behrend et al., 2011; Ross, Zaldivar, Irani, & Tom-
linson, 2010). Although inappropriate for many types of organizational re-
search, a readily available sample of unemployed individuals may be useful
for answering research questions pertaining to job search behaviors, out-
comes regarding unemployment, and the like. Thus, in this sense, MTurk
does offer a valuable resource for understanding individuals often ignored
in organizational research (Woo, Keith, & Thornton, 2015).

That said, perhaps the greatest opportunity for research using MTurk
and other online samples is that they are often heavily populated by
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individuals who would best be described as underemployed (Ross et al.,
2010). MTurk samples tend to be more educated than the U.S. average
(Ipeirotis, 2010). At the same time, their reported income levels tend to be
lower than the general population (Casler, Bickel, & Hackett, 2013; Ross et
al., 2010).On the basis of this assumption of underemployment,MTurk sam-
ples may be an interesting population to examine research questions related
to disengagement, job satisfaction, job insecurity, and fulfillment of needs.
Here again, MTurk is potentially useful for surveying groups not tradition-
ally represented in the literature.

Are MTurk Samples WEIRD?
In an earlier critique of sampling in the social sciences, Henrich and col-
leagues (Henrich, Heine, & Norenzayan, 2010) argued that research in pub-
lished journals tends to be overrepresentative ofWEIRD (Western, educated,
industrialized, rich, and democratic) populations and that results based on
these samples may not generalize elsewhere. Although researchers sampling
fromMTurk technically have the ability to sample frommany different coun-
tries, most MTurk workers tend to reside either in the United States or In-
dia (Ipeirotis, 2010), andmost research is conducted using English-language
surveys. Although the potential for diversity exists, many researchers set
up qualifications and survey only U.S. workers. This practice likely reflects
prior research showing that non-U.S. participants tend to provide poor-
quality data (e.g., Feitosa, Joseph, & Newman, 2015; Litman, Robinson, &
Rosenzweig, 2015). That said, one consequence of limiting MTurk samples
to U.S. populations is that the sample is automatically going to be Western,
industrialized, and democratic. This leaves education and income to make
the sample lessWEIRD.As noted above, past research has shown thatMTurk
samples tend to be both more educated than average and, at the same time,
lower than average in terms of household income (within the United States).
For example, Ross and colleagues (2010) found a median household income
of between $20,000 and $30,000 in their MTurk sample. In another sam-
ple, Casler et al. (2013) found a household income range of $25,000–50,000.
Similar results were reported by Barger, Behrend, Sharek, and Sinar (2011),
who reported modal household income between $40,000 and $60,000. This
does seem to suggest that MTurk provides an opportunity to collect data
from lower socioeconomic status samples that are oftenmissed in traditional
published samples. At the same time, it should be noted that MTurk sam-
ples are also disproportionately young (see Buhrmester, Kwang, & Gosling,
2011; Chandler, Mueller, & Paolacci, 2014; Paolacci, Chandler, & Ipeirotis,
2010), and these low incomes may simply reflect that the participants are in
entry-level or part-time jobs owing to their age rather than being reflective
of populations who spend their careers laboring in low-skill, low pay jobs.
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One additional quirk concerning MTurk samples is that it has been ob-
served that they tend to report spending a great deal of time online and,
in particular, research samples tended to be dominated by a small num-
ber of individuals for whom participating in crowdsourced tasks or surveys
had become a job (Harms & DeSimone, 2015). This may explain why, as
Buhrmester et al. (2011) concluded, “MTurk participants are not represen-
tative of the American population, or any population for that matter” (p. 4).
That being said, as the economy creates the need formore individuals to take
on “gig-based” jobs, perhapsMTurk samples will increasingly come to reflect
an emerging contingent of the working population that did not exist 10 years
ago. Given this emerging trend and the fact that MTurk samples do seem to
provide somemuch-needed diversity, we would argue that, althoughMTurk
is not THE solution to our WEIRD sampling problem in the organizational
sciences, it does represent a small step in the right direction.

Using MTurk to the Researcher’s Advantage
With all that being said, researchers in the psychological sciences can use the
unique characteristics of MTurk to our advantage. First, the characteristics
of MTurk samples themselves have shifted dramatically since the site was
created, and they continue to exhibit fluctuations in terms of sample charac-
teristics on a day-to-day basis (see www.mturk-tracker.com). Consequently,
we cannot really knowwhat samples fromMTurk will look like in the future.
But at the same time, we cannot predict what typical samples in the organiza-
tional sciences will look like in the future either. For the foreseeable future,
however, it is likely that MTurk samples will provide much-needed diver-
sity when comparedwith traditional samples such as students andmanagers.
Moreover, because fluctuations in sample characteristics can be monitored
and, to some degree, predicted, it is possible that researchers can time their
studies to target specific populations.

Second, it is important to remember that researchers using online sur-
veys and experiments have the ability to sample individuals with a partic-
ular set of characteristics. For example, using a simple branching function
in Qualtrics, researchers have the ability to direct samples of employed and
unemployed participants to different surveys. Of course, one potential draw-
back is that researchers interested in an employed/unemployed sample must
be willing to create extra projects with equal pay for the nontargeted popu-
lation in order to prevent dishonest reporting of employment status. Ideally
though, the researcher can collect data from both (or many different) groups
of participants in order to address their research questions. The ability to cre-
ate experiments or surveys targeted at particular individuals or groups while
still collecting a large sample is unique to the online sampling approach and
should provide for many potentially interesting research opportunities.
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General Conclusions
In sum, we do not view MTurk or other online sampling portals as the
ultimate fix for the field’s sampling woes. With that said, samples obtained
online can offermany advantages over traditional methods, but effective uti-
lization of this research requires both creative and clever designs as well as
vigilance on the part of the researcher. Crowdsourced studies present unique
challenges to researchers, but then again, no one ever guaranteed that con-
venience samples would be entirely convenient.
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We concur with Bergman and Jean (2016) that worker samples tend to be
underrepresented in organizational research, which could have deleterious
effects on the conclusions and practices derived from this research.However,
we argue that the effects of underrepresentation could vary considerably by
organizational domain (e.g., selection vs. leadership vs. satisfaction). Our fo-
cus with this commentary is to address its effects on organizational selection,
particularly with employment interviews, including issues such as criterion-
related validity, prevalence of student samples, and the four criteria outlined
by the focal authors (overlooked phenomena, differences in constructmean-
ing, worker status, and human capital patterns).

To provide an empirical basis for this commentary, we pulled studies
from our recent validity meta-analysis of employment interviews (Huffcutt,
Culbertson, &Weyhrauch, 2014). In support of the validity analysis portion,
we focused exclusively on the 73 studies with indirect range restriction only
(i.e., the interview was not used to make selection decisions). This was the
largest group, and doing so allowed us to analyze a group of studies with the
same basic range restriction mechanism.
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