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The Political Economy Model: A Blue
Wave Forecast For 2020

Michael S. Lewis-Beck, University of Iowa
Charles Tien, Hunter College & The Graduate Center, CUNY

he Political Economy model represents one of

the earliest political science forecasting models

for presidential elections (Lewis-Beck and Rice

1982; 1984a). It relies on a multiple regression

equation with just a few predictor variables,
drawing from leading theories of vote choice, measured several
months before the election (as done by Lewis-Beck and Tien
previously in 1996 and 2008). The model may be simply stated:
the vote share for the party in the White House is determined
by presidential popularity and economic growth. Much has
been said about the uniqueness of the 2020 election campaign,
e.g., COVID-19, the extreme character of Trump’s rule, the
dramatic economic collapse, widespread protests ignited by
George Floyd’s killing, among other things. We do not deny
these circumstances. However, we believe their effects are
absorbed, then expressed, via the causal structure the model
suggests. Here we apply the model to forecast the 2020 presi-
dential election (popular and Electoral College votes), fol-
lowed by forecasts for the House and Senate elections. We
forecast a Democratic sweep.

PRESIDENTIAL ELECTIONS

The presidential election model is written thusly (Lewis-Beck
and Rice 19844, 17):

Incumbent Vote = Presidential Popularity

+ Economic Growth, Eqa
where the Presidential Vote = the two-party share of the
national popular vote for the president’s party, Economic
Growth = the GNP growth in the first two quarters of the
election year, and Presidential Popularity = Gallup’s July job
approval rating for the president.

According to the model, the election represents a referen-
dum on the performance of the president with respect to
leading political and economic issues. The better the perform-
ance, the better the White House party will do. Below we show
model estimates using ordinary least squares (OLS):

Vote = 37.50 + .26%Popularity + 1.18+Growth

(15.37) (4.73) £q2

(2.25) =t-ratio
R-squared = .76 Adj. R-squared = .73 Root Mean Squared Error =
2.75 Durbin-Watson = 2.39 N = 18 elections, 1948-2016 Figures
in parentheses = t-ratios Asterisk indicates statistical signifi-
cance = .05, one-tail (Tien 2020).

This model, though parsimonious, forecast the 2016 result
quite accurately. Indeed, it nailed the two-party popular vote
result, forecasting a 51.0 percentage share for Clinton, who
actually received 51.1% (Lewis-Beck and Tien 2018). This trivial
amount of error gave the model first place, in an accuracy
evaluation of such structural forecasting models (Campbell
2017). While it would be foolish optimism to expect such a
degree of accuracy in 2020, it seems reasonable to believe the
model will fare well with respect to the Trump-Biden contest.
To forecast 2020, we insert the current values as of 8/27/20 for
the predictor variables, Popularity (41) and Growth (-4.14)™:

Vote =37.50+ .26 (41) +1.18 (-4.14)

Eq.
=43.3% of the popular two-party vote for Trump. 43

How accurate do we expect this forecast to be? First, over the
time series of elections, it correctly picked the winning party
15 out of 18 times (missing 1960, 1968, and 1976), or 83% of the
time. This certainty speaks to within-sample error. To examine
out-of-sample error, we ran a series of jackknife tests (see
table 1). That is, taking each year in turn, we dropped it from
the data, re-estimated the model, then predicted that out-of-
sample year and examined the forecasting error. We found zero
elections with a positive error greater than 6.7%. Since our
forecast is 43.3, if it has an error greater than +6.7, we would
forecast a victory for the wrong party. Taken literally, that
would leave no chance that this forecast of a Democratic victory
would be wrong (i.e., 0/18 = .00). We shy away from such a high
level of certainty. However, we construct the following 95%
confidence interval (two-tail) around our point estimate of 43.3,
utilizing the RMSE=2.75 and degrees of freedom=15 : [37.41,
49.6]. This result suggests a 95% probability that Trump will
lose the popular vote. Twice in the last five presidential elec-
tions, the Electoral College, and not the popular vote outcome,
picked the presidential winner. Thus, we forecast the Electoral
College winner by regressing the incumbent party’s percent of
the Electoral College vote on its percent of the two-party
popular vote. We get the following results

ECVote =-199.42 + 4.90xPopVote

(-11.64) (14.94) = t-ratio
R2=.93 adjR2=.93 N=18 RMSE=7.14

Eq.4

This equation yields an Electoral College forecast of only
68 electoral votes for Trump. Interestingly, this is on par with
Jimmy Carter’s defeat in 1980 with 49 electoral votes.
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One may be skeptical of this dramatic forecast. However, we
note that 1980 happens to be the election year in our series with
the most negative GNP growth. One could argue, more generally,
that times are very different now and the popular vote-electoral
vote connection has broken down. However, in a statistical sense,
that conclusion has clay feet. In figure 1 we see the Electoral
College vote share nationwide (in percent) regressed on the two-
party popular vote, for the elections from 1948 to 2016. The
election results fall very close to the prediction line, with an

House Seat Change = Presidential Popularity
+ Income Growth + Midterm Status,

Eqs

with House Seat Change = number of seats lost or gained by
the president’s party, Presidential Popularity = Gallup’s June
job approval rating for the president, economic conditions =
growth rate of real disposable income over the first two
quarters of the election year, Midterm Status = o for presiden-

Much has been said about the uniqueness of the 2020 election campaign, e.g.,
COVID-19, the extreme character of Trump’s rule, the dramatic economic collapse,
widespread protests ignited by George Floyd’s killing, among other things.

almost perfect statistical fit (R-squared = 0.93). Further, we do not
really observe a deterioration in the fit when we focus on the
elections of the 2000s. (Look how close the points are to the line,
with even 2016 closer than some previous elections.)

tial election years and = 1 for midterm election years.

For House forecasts, we use a simple referendum model,
conditioned on whether the contest is a midterm. In the most
recent House election, 2018, this model performed quite well,

Interestingly, this is on par with Jimmy Carter’s defeat in 1980 with 49 electoral votes.

CONGRESSIONAL ELECTIONS

Forecasts for the United States House and Senate elections
have been carried out from the early 1980s (Lewis-Beck and
Rice 1984b; 1985). These models rest on a core political
economy model:

Table 1

Presidential Election Predictions with the
Political Economy Model

Popular Vote

Popular Two- Jack Winner
party Vote for Knife Forecast Correctly
Year  Incumbent Party  Forecast Error Predicted?
1948 52.4 50.4 2.0 Yes
1952 44.6 46.3 -17 Yes
1956 57.8 54.2 3.6 Yes
1960 49.9 52.3 -2.4 No
1964 61.3 60.4 0.9 Yes
1968 49.6 51.8 -2.2 No
1972 61.8 55.8 6.0 Yes
1976 49.0 52.4 -3.4 No
1980 447 391 5.6 Yes
1984 59.2 55.0 4.2 Yes
1988 53.9 53.2 0.7 Yes
1992 46.6 47.8 =13 Yes
1996 54.7 54.7 0.0 Yes
2000 50.0 56.8 -6.7 Yes
2004 Bl1.2 529 =17 Yes
2008 46.3 46.7 -0.4 Yes
2012 52.0 50.0 2.0 Yes
2016 511 51.0 0.1 Yes
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with a total seats change error of only nine seats, well below the
median error for the series (Tien and Lewis-Beck 2019). Given
we are in a presidential year, White House success in terms of
making seat gains (or losses) boils down to how the Repub-
licans have handled economic and non-economic issues. OLS
estimates for the post-World War II elections follow:

House Seat Change
= -45.53+ .83*Popularity + 4.89*Income—29.1xMidterm

(-3-55) (3-47) (2.95) (-4.81) =t-ratio
Eq.6
Figure 1
Electoral College Vote by Popular Vote,
1948-2016
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R-squared = .60 Adj. R-squared = .57 Root mean squared
error = 17.85. Durbin-Watson = 1.87, N = 36 elections (1948-
2018) and the other notation is as with Eq.2.

last seen during Obama’s first term. Along with a near filibuster
proof Senate would come a House majority of 264 seats (again
on par with Obama’s first term). If Joe Biden becomes president

The time-tested Political Economy models point to an electoral landslide in 2020 for
Democrats, across the executive and legislative branches—a Blue wave.

To use this equation to forecast the 2020 House elections,
we plug in the appropriate values (as of 7/27/20),? so producing
the following seat change estimate:

House Seat Change = -45.53+ .83 (38) +4.89 (-3.77)-29.1 (0)
= -32 seat loss for the Republicans.
Eq.7

What about seat change for the 2020 Senate elections? We
hold that the political economic forces operating on the House
also operate on the Senate, with the added constraint of their
different electoral calendar (i.e., just one-third of the Senate
seats are on the ballot, every two years). The Senate forecasting
model expresses itself as:

Senate Seat Change = Popularity + Economy + Midterm
+ Seats Exposed,

Eq.8

with Senate Seat Change = number of seats lost or gained by
the president’s party; Seats Exposed = number of seats the
president’s party has up for reelection; the other variables are
as defined in equation 5. Here are OLS estimates for the model,
across the post-World War II elections:

Senate Seat Change =

2.79+ .13%Popularity + .91xIncome-2.37+Midterm-.70%SeatsUp

(1.05)  (3.46) (3-35) (-2.44) (-6.42) =t-ratio
Eq.9

R-squared = .69 Adj. R-squared = .65 Root mean squared
error = 2.84 Durbin-Watson = 1.86, N = 36 elections (1948-
2018) and the other notation is as with Eq.2. All independent
variable coefficients are statistically significant at the o.05
level, one-tail.

What does this mean for Senate control in 2020? Trump’s
June approval rating is 38%, disposable personal income
change has been strongly negative (at -3.77), and the Repub-
licans have 23 seats exposed (using data reported as of 7/27/20).
These numbers forecast a gain of 12 seats for the Democrats,
giving Democrats a Senate majority.

CONCLUSIONS

The time-tested Political Economy models point to an electoral
landslide in 2020 for Democrats, across the executive and legis-
lative branches—a Blue wave. For the presidential race, we
forecast a victory for Biden not seen since the landslide elections
of Ronald Reagan. Congressional election forecasts also point to
large Democratic gains, giving them a Senate majority of a size
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as the political economy forecast predicts, it appears that he
would govern with a unified Congress.

DATA AVAILABILITY STATEMENT

Replication files are available on Dataverse at https://doi.org/
10.7910/DVN/XJVOBX. =

NOTES

1. We have adjusted the economic data as all second quarter economic numbers are
extreme outliers due to COVID-19. GNP change over the first two quarters of the
election year dating back to 1948 has ranged from -1.38 to 4.18. We calculated the
GNP change to be three times the lowest number, yielding a data point of -4.14.
While this may appear to be a reasonable adjustment for such a gross outlier it is
of course not the only possible adjustment. One alternative would be to use the
first quarter GNP growth only (instead of the two quarter measure the model
employs). Thus, using first quarter GNP growth (advanced estimate, nonannua-
lized) of -.36 we get a forecast of 47.74% of the two-party popular vote, which
translates into an electoral vote share of 186 seats. We do not favor this
alternative because it ignores the pandemic and openly violates the theoretical
two-quarter model specification we have always used. Another alternative would
be to simply stay with the model, and use an unadjusted two quarter estimate; for
example, actual GNP growth (nonannualized, released on 8/27/2020) over the
first two quarters equals a whopping -5.4; if we use this estimate as our growth
number, we get a two party popular vote forecast of 41.79, translating to an
electoral vote share of only 29 seats. This last forecast stretches credulity; we
believe, theoretically, that the outlier status of economic growth means at some
point it will give the Democrats diminishing marginal returns. Hence, we do
prefer our first correction, on grounds that it accommodates our general theory,
taking into account the nonlinearity the outlier induces. Certainly, one can
continue to argue about what adjustment should be made. For example, The
Economist model contends the economic impact amounts to The Great Reces-
sion plus 40% (Gelman and Heidmanns 2020). That adjustment is, in some
sense, arbitrary, as ours could be. However, we base our forecast on our theory,
the empirical track record of the model, and our reasoned assessment of the
economic reality going into this election.

N

. Note that the economic measure used here is income, rather than growth.
This usage pays homage to the tradition of congressional election forecasting
models, with their preference for the income measure (Tien and Lewis-Beck,
2019). With this measure, also, COVID-19 has played havoc. Economic
stimulus spending boosted disposable income in the second quarter. There-
fore, we Winsorize (Tufte 1974, 102) the data on disposable personal income,
adding 1 to the largest negative number in our dataset: -2.77-1=-3.77, in order
to take into account its outlier status. Again, this adjustment follows our
strategy of “backing down” to some degree the even greater losses that might
be projected by employing the theoretical (fully linear) extrapolation of
economic effects.
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