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Abstract

The welfare state literature argues that Social Democratic party representation is of key importance for
welfare state outcomes. However, few papers are able to separate the influence of parties from voter
preferences, which implies that the partisan effects will be overstated. I study a natural experiment to
identify a partisan effect. In 1995, the Labour Party (Ap) in the Norwegian municipality of Fla filed
their candidate list too late and could not participate in the local election. Ap was the largest party in
Fli in the entire post-World War period, but have not regained this position. I use the synthetic control
method to study the effects on welfare spending priorities. I find small and insignificant partisan effects.
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1. Introduction

Do political parties matter for policy outcomes? The modern literature on this classic topic goes
back at least to Hibbs (1977), who argued that class differences in preferences for unemployment
and inflation policies are reflected in the behavior of left and right parties in government. The
view that partisanship matters has been particularly influential in the welfare state literature,
where the role of Social Democratic parties in welfare state development has been emphasized
(Esping-Andersen, 1990; Korpi and Palme, 2003). Recently, the literature has taken a new
direction to the study of partisan effects at the local level (Fiva et al., 2018).

The partisanship literature is often unclear in its definition of partisan effects. Most studies
follow in the spirit of Hibbs (1977) in that they point to class differences in economic preferences
and parties’ electoral constituencies as the basis for partisan effects on public policy. This under-
standing of partisan effects risks conflating voter effects and partisan effects (see Lee et al., 2004,
and the extended discussion in the online appendix). Following the political economy literature
(Besley and Coate, 1997), partisan effects refer to effects of who governs, controlling for voter pre-
ferences. To separate voter and partisan effects is an empirical challenge. In essence, the challenge
is to estimate the effect of partisanship while controlling for voter preferences. Unfortunately, we
do not have good measures of voter preferences across different policy outcomes. Thus, one needs
exogenous variation in partisanship to estimate a credible partisan effect (Lee et al., 2004).

I leverage a natural experiment to get exogenous variation in partisanship. In 1995, the Labour
party (Ap) in the Norwegian municipality Fla failed to file their candidate list in time to partici-
pate in the local election, implying that they had no representation in the following election per-
iod. T study the effects of this shock on four spending outcomes using the synthetic control
method (Abadie et al.,, 2010). This method is particularly suited for quantitative case studies
and has been labeled “the most important innovation in the policy evaluation literature in the
last 15 years” (Athey and Imbens, 2017, 9). I follow a number of recent recommendations of
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how to apply the synthetic control method to avoid potential pitfalls. The paper should therefore
be of interest for researchers who want to apply the synthetic control method.

The overall conclusion is that the welfare spending consequences of the decline of Ap are small
and insignificant. In the conclusion I relate the findings to the previous literature on partisan
effects.

2. The decline of Fla Ap

Norwegian municipalities are governed by municipal councils elected in a proportional electoral
system with a single electoral district. The municipal council elects an executive municipal board
with proportional representation of the elected parties. One member of the executive board is
elected as the major. The mayor chairs the council meetings and has representational obligations,
but is granted limited legal and formal power by law. Local elections are important, as munici-
palities are responsible for local infrastructure and the provision of the key welfare services,
including childcare, primary education, elderlycare, and social assistance.

Fl4 is located in Buskerud county, 2-3 hours drive north-west of Oslo. It is a rural municipality
with 1081 inhabitants (2017). Ap dominated local politics in Fla in the post World War period:
They had more than 50 percent vote share in all elections until 1983 (see Figure 1), had the major
until 1988, and had the highest vote share in all elections prior to 1995. It was therefore a major
event when Ap were not allowed to run for election in 1995. The election law demanded that
parties had to register their list of candidates by June 1, 1995 in order to participate in the
September election. Unfortunately, the party leader mistakenly believed that the deadline was
June 25, so he failed to deliver the list on time. I argue that this personal mistake could have hap-
pened in any other small municipality where the party organization is run by voluntary work."

Since Ap did not run, they had no representation in the 1995-1999 election period. The
majority of Ap sympathizers stayed at home in 1995, as turnout fell from 79 percent in 1991
to 43 percent in 1995. The votes were split between Bygdelista (B) and Borgerlig Fellesliste
(BF). B, Ap’s main competitor, is a local list with no official ties to any of the national parties.
BF is a center-right list of candidates from the Conservative Party, the Christian Democratic
Party, and the Center Party. No parties to the left of Ap had any representation, thus the absence
of Ap implied a strong rightward shift of the municipal council.” At the time when Ap was dis-
qualified, B and BF had filed their candidate lists and decided their party programs, thus they
could not credibly change their policies in response to Ap’s exit from the election.

In the 1999 election Ap received 31 percent of the vote share, which (except for 1995) was the
worst election result in the post-war period. B manifested its position as the major party. Ap’s
vote share fell to 25 percent in 2003, while in 2007 they failed to get enough candidates to run
its own list and filed a joint list with the Center Party and the Christian People’s Party. Thus,
the 1995 error had long-run repercussions. Figure 1 displays the vote shares for Ap in Fla and
the rest of Norway in local and national elections, 1972-2011. As evident, Ap’s vote share in
local elections was stable in the rest of Norway from 1995 and onwards. Importantly, we see
that nothing dramatic happened to Ap’s vote share in Fla in the national elections in 1993
and 1997, which is consistent with stable voter preferences in Fl& around 1995. Thus, we have
a shock in representation which is unrelated to voter preferences.

A key premise for the existence of partisan effects is ideological polarization. It is not obvious
that ideological polarization exists in small municipalities, since citizens’ legislated rights to wel-
fare services have been strengthened over the last decades (@sterud and Selle, 2006). Moreover,

'One possibility is that the mistake is a signal of a local party organization in disarray. I have not come across any evidence
indicating that this was the case. See the online Appendix B for further discussion.

%See the online Appendix B for an approach to quantify the size of the shift. I find that the left-right shift in F1a from 1991
to 1995 is the most extreme shift compared to the shifts in the control municipalities. The shift is also large in comparison
with the shifts from 1987 to 1991.
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Figure 1. Ap’s vote share in Fl& and in the rest of Norway 1972-2011.

the importance of individual characteristics of local politicians has been emphasized in the litera-
ture (Munkerud, 2007; Hyytinen et al., 2018). Still, Fiva et al. (2018) present results from surveys
of local council members 1999-2007 which show left-right-divides on tax and spending prefer-
ences. In particular, left parties prioritize spending on children, while right parties prioritize the
elderly. Although these results are averages across municipalities and might not be perfectly
accurate for Fl4, Fiva et al. (2018: 13) find that politicians’ spending preferences vary “only mod-
erately” across time and space. Moreover, survey data indicate that voters in small municipalities
believe that local politics matter (see online Appendix B).

3. Empirical strategy

The empirical challenge is to estimate the counterfactual development of welfare spending in Fla.
Two strategies dominate in the literature; the difference-in-difference (DD) approach and the syn-
thetic control (SC) method. In this note I apply the SC method.

The main benefits of SC compared to DD are a data-driven selection of comparison cases and
a less restrictive assumption regarding time-varying confounders. While the DD-approach gives
equal weight to each unit in the control group, the SC method allows the units to have different
weights in order to construct a synthetic control group that matches the pre-treatment outcomes
of the treated unit. The idea is that similar outcomes in the pre-treatment period make it more
plausible that the post-treatment outcomes of the synthetic control is a good counterfactual to the
development of the treated unit. The SC modeling of the outcomes can be expressed by the
following equation (Abadie et al., 2010):

Yir = oy FLA; + Y,(tj = a;FLA; + O; + O:Z; + M, + €

where Yif is the counterfactual outcome and o; is the treatment effect of Fla Ap’s decline in

period t. The counterfactual outcome is constructed from time fixed effects 3;, a set of variables
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Z; which are not affected by the treatment, with 6, as a set of unknown associated parameters.
Finally, 4; is a set of time-varying unobserved variables with associated unknown and
unit-varying factor loadings p;. By constructing a set of weights across the control units, the
SC method matches the pre-treatment development of the treated unit with a weighted combin-
ation of the control units. Following Abadie et al. (2010, 495), if the weighted control fits the pre-
treatment development of the treated unit, then it is plausible that it will approximately fit the
unobserved confounders as well.

A number of issues arises in empirical applications of the SC method. The first regards the
restriction of potential contributors to the synthetic control. Abadie et al. (2010) and Abadie
et al. (2015) recommend that the donor pool of potential control units is restricted to units
with similar pre-period characteristics as the treated unit. This is a useful restriction because
the linear combination of the control units to match Fla might involve a lot of interpolation,
and hence bias, if donor pool units are very different (Abadie et al., 2010, 495). Since the admin-
istrative error is unlikely to have happened in a large municipality, I restrict the donor pool to the
164 municipalities who, like Fla, are classified as “least central” in the 1994 version of Statistics
Norway’s index of centrality.’

The second issue regards what variables to use as inputs. There are two decisions to be made;
(i) how many pre-treatment outcomes to include and (ii) what covariates to include. The first is
the most important issue since the pre-treatment outcomes have the strongest predictive power
(Doudchenko and Imbens, 2016). Abadie et al. (2010) do not offer much guidance on this
issue, and the lack of guidance can result in considerable researcher degrees of freedom to
pick the specification that yields the preferred conclusions (Ferman et al, 2017). To reduce
this worry I estimate a set of different specifications and use decision rules to pick specifications
for further analyses (see Dube and Zipperer, 2015; Ferman et al., 2017).

Specifically, I estimate ten different SC specifications, following Ferman et al. (2017).* The spe-
cifications are listed in the note to Table 1. For each of the ten specifications I first run the model
with Fla as the treated unit and then with each of the control units in the donor pool as the (pla-
cebo) treated unit. To assess how well the synthetic control fit the trend in FI3, I calculate (Ferman
et al., 2017) normalized mean squared error index R

. 2
Rl Zthol (Yerar — Yfa ) )
ZtTil (YeLa,s — Yera)

where T, are the pre-treatment years, Yy 5, are the outcomes in Fla, YA A the outgomes for the
synthetic control, and Yy is the average for FI3 over the pre-treatment period. R* = 1 implies
perfect fit. Next I derive a p-value for the treatment effect using the permutation test in Abadie
et al. (2010). The ranking of FI&’s ratio in the distribution of all ratios is used to derive the p-value
of the average treatment effect.

Fmally, to choose among the ten treatment estimates and associated p-values, I exclude models
with R below 0.8 (Ferman et al., 2017) since the SC should only be used when the pre-fit is good
(Abadie et al., 2010). Next I calculate the mean post-period MSPE for the placebo estimates, and
treat the specification with the smallest MSPE as the “best” specification (Dube and Zipperer,
2015). This rule follows a cross-validation logic where the pre-period estimates are the “training”
sample and the post-period estimates the “validation” sample. Thus, I choose the specification
with the best out-of-sample prediction properties. As an alternative, I average over the models
with good pre-fit (Imbens and Rubin 2015; Ferman et al., 2017).

*See https://www.ssb.no/klass/#!/klassifikasjoner/128/versjon/469. I restrict the sample to municipalities with unchanged
boundaries over the analysis period.
“I use the fully nested optimization procedure.
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Table 1. Results from ten different synthetic control specifications. Short run effects

Childcare Education Elderlycare Health care
Pre Post Pre Post Pre Post Pre Post
Model I3 MSPE p I3 MSPE p 3 MSPE p 3 MSPE p
1 0.91 1.90 0.57 0.93 15.24 0.16 0.88 24.10 0.82 0.94 6.50 0.50
2 0.91 1.90 0.57 0.93 15.24 0.16 0.88 24.11 0.82 0.94 6.51 0.50
3 0.85 1.90 0.55 0.93 15.45 0.02 0.71 24.69 0.91 0.80 6.02 0.73
4 0.88 1.93 0.37 0.93 15.26 0.01 0.63 24.89 0.93 0.52 6.38 0.77
5 0.65 1.88 0.71 0.77 15.21 0.32 0.68 24.27 0.73 0.84 6.29 0.58
6 0.62 1.87 0.71 0.08 15.42 0.93 0.50 23.78 0.85 0.81 6.90 0.46
7 0.74 2.07 0.37 0.93 15.95 0.04 0.80 24.81 0.80 0.93 7.74 0.30
8 0.67 2.28 0.57 0.92 15.76 0.01 0.81 30.01 0.76 0.93 8.54 0.21
9 0.88 1.87 0.49 0.93 15.02 0.09 0.87 24.02 0.83 0.93 6.56 0.45
10 0.86 2.12 0.48 0.93 15.56 0.09 0.87 26.48 0.81 0.93 6.93 0.42

Note: The ten models are: (1) all pre-treatment outcomes + log of population size, share of the population above 65 years of age, share
of population in school age, share of population below school age, (2) all pre-treatment outcomes, (3) pre-treatment outcomes for even
years +the covariates (4) pre-treatment outcomes for even years, (5) pre-treatment outcomes for odd years + the covariates,

(6) pre-treatment outcomes for odd years, (7) the first half of the pre-treatment outcomes + the covariates, (8) the first half of the
pre-treatment outcomes, (9) the first three fourths of the pre-treatment outcomes + the covariates, (10) the first three fourths of the
pre-treatment outcomes.

The outcomes are the share of total spending on child care, education, elderly care, and health
care. Together these areas constitute the majority of local government spending. The data are
from Fiva et al. (2015).

4. Empirical results

Table 1 presents the results from the ten specifications. The post-treatment period is the four
budget years following the 1995 election. We see that the pre-treatment fit varies across the spe-
cifications. The models with poor fit tend to be the even/odd outcome specifications, which is
because these models often fail to capture a number of spikes in the spending levels caused by
large investments in particular years. The model does not fit well when these investment years
are not among the pre-treatment outcomes.

The post-treatment MSPE also varies across models. In line with arguments against maximiz-
ing pre-treatment fit by using all pre-treatment outcomes (Kaul et al., 2017), Models 1 and 2
never produce the smallest post-treatment MSPE. The difference in post-treatment MSPE across
models with good pre-treatment fit is not always large, however, implying that model averaging
across specifications with good pre-treatment fit is a necessary robustness check.

The results reveal that there is not much room for specification mining to find significant
treatment effects for child care, elderly care, and health care spending. The Fla treatment effect
has to be ranked number eight or better among the 164 estimates for the effect to be significant
at the 5 percent level (8/164 = 0.05). This is never the case for these three outcomes. For education
we see that models with equally good pre-treatment fit produce different conclusions regarding
the significance of the estimates, which gives the researcher the freedom to pick a model speci-
fication with a low p-value. This result illustrates the importance of presenting results from
different specifications when using the SC method.

The specifications with the lowest post-MSPE (conditional on good pre-treatment fit accord-

ing to R?) are highlighted in bold text. Figure 2 shows the trends in the four outcomes in Fla and
the synthetic control in these selected specifications. The stippled line distinguishes between the

. . . ~2 . R
pre- and the post-period. In line with the R™ results, the synthetic control fits the trend in Fl&
quite well for all outcomes, which make the trends for the synthetic controls plausible counter-
factuals in the treatment period.


https://doi.org/10.1017/psrm.2019.36

https://doi.org/10.1017/psrm.2019.36 Published online by Cambridge University Press

594 Henning Finseraas

Child care Education
= 2 -
5 g |
&% ] 52 4 :
2o - 3 A
— = _| S
= - hs —-
) o
& [ = =5 |
= =
“w == “lg [
1 I T I I T 1 I
1980 1990 2000 2010 1980 1990 2000 2010
Year Year
Fla ~— — — Synthetic control unit — Flda — — — Synthetic control unit
Elderlycare Health care
o ] o | G
E <+ - % A
%g - 3 PR Y, ;=’ Ll
= | =
2& ' g2
m I 2
peq [ g
2 : £
Bo I I
1 I ] I I T 1 I
1980 1990 2000 2010 1980 1990 2000 2010
Year Year
Fli ~— — — Synthetic control unit Fla ~— — — Synthetic control unit
Figure 2. Trends in the outcomes. Fla versus synthetic control.
Table 2. Average spending in the 1996-2000 period
Synthetic
Fla control Difference p-value
A: Lowest post-MSPE
Child care 4.72 5.23 -0.51 0.49
Education 20.23 23.22 —2.99 0.09
Elderlycare 31.34 31.94 —-0.60 0.83
Health care 8.95 7.85 1.10 0.73
B: Model averaging
Child care 4.72 5.46 -0.74 0.53
Education 20.23 22.83 —2.60 0.11
Elderlycare 31.34 31.91 —0.57 0.85
Health care 8.95 8.14 0.81 0.45

The average outcomes for the 1996-2000 period for the two groups are presented in Table 2.
Panel A presents the results when picking the specifications with the lowest post-MSPE, while
Panel B presents the results when averaging over models with good pre-treatment fit. The average
for Fli is about 0.5 percentage points lower for child care and elderly care spending, about 1
percentage points higher for health care spending, and about 2.5-3 percentage points lower
for education spending. The education spending estimate is significant at the 10 percent level.

The long-run estimates are presented in online Appendix B. As Figure 2 visualizes, the short
run effect on education diminishes over time as it is caused by a two-year up-thick in education
spending in the synthetic control group. An inspection of the spending patterns in the
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Figure 3. Differences in the outcomes. Fla versus synthetic control in black, placebos in gray.

municipalities which constitute the synthetic control—see online Appendix B for the unit
weights—reveal that one of the control municipalities made large investments in education in
the late 1990s. The impact of this investment diminishes over time so that the long-term effect
is small and insignificant. The other treatment effects are larger in size in the long term, however,
none of them are statistically significant.

Figure 3 clearly illustrates why the treatment effects are not statistically significant. For all out-
comes, a relatively large number of placebos produce treatment effects of the same size. Thus, the
trajectories of welfare spending in Fla do not stand out as being particularly unusual, i.e. we can-
not rule out that the difference between Fla and the synthetic control would have been the same
without the decline of Fl& Ap.

5. Concluding remarks

The analysis provides no clear evidence of partisan effects on welfare spending. This conclusion
apparently contrasts with a number of recent well-identified studies in similar institutional con-
texts (Pettersson-Lidbom, 2008; Folke, 2014; 2018). I rely on the sudden decline in Ap represen-
tation to identify partisan effects, which is more dramatic than the variation from close election
that the previous literature relies on. The stronger treatment intensity should, in contrast to what I
find, imply stronger partisan effects. That said, Fiva et al. (2018) report that the partisan effects
are stronger for far-left and far-right parties, so my results can be read as supportive of their find-
ing of heterogeneity on partisanship. Moreover, in my case the external validity is limited to small
municipalities. Although parties appear to be polarized also in small municipalities (Fiva et al,
2018), small partisan effects are in line with qualitative evaluations of the room for partisanship in
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small municipalities (@sterud and Selle, 2006). Given polarization, small partisan effects can be
viewed as a democratic challenge since voters cannot elect policy changes. Future research might
want to examine this issue further by studying partisan effects on outcomes where state regulation
is weaker, such as e.g. local taxation and user fees, zoning, and local transport.

Supplementary Material. The supplementary material for this article can be found at https://doi.org/10.1017/psrm.2019.36
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