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Survey Key Driver Analysis: Our GPS to
Navigating Employee Attitudes
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Cucina, Walmsley, Gast, Martin, and Curtin (2017) started an important di-
alogue about survey key driver analysis (SKDA). We believe that promoting
more useful and valid ways to understand survey data is critical not only
for the organizations we serve, but also for advancing the relevancy of our
field.We use the terms useful and valid quite intentionally. “Useful” is driven
by our practitioner side, but “valid” is driven by our science side. It is the
science that often sets industrial and organizational (I-O) psychology apart
from other fields. But in some ways, it also holds us back from being timely
and relevant. Overall, we believe that the focal article erred too much on the
science side.

The purpose of this commentary is to raise two overall points: (a) The
methodological challenges associated with SKDA as outlined here can and
should be managed because we believe that the approach is a useful tool
that helps our clients make sense of survey data; and (b) more broadly, the
scientist–practitionermodel is a balance, andwe believe that there are practi-
cal considerations that should be considered in conjunctionwith the psycho-
metric points raised in the focal article. We will also discuss issues we have
encountered similar to Cucina et al. and raise additional SKDA challenges
that researchers should consider when conducting survey research. Cucina
et al. ask if we are “driving down the right road” with SKDA. Our view is that
this tool is akin to a global positioning system (GPS) in a car (or a compass
and map for traditionalists). There is tremendous potential and capability
within the tool to ensure the driver reaches his or her destination. However,
successful navigation requires diligence and responsibility on behalf of the
driver to ensure data are entered correctly, the right parameters are chosen,
and (as with any GPS system, road map, or friendly citizen offering direc-
tions) that we do not follow any path blindly.
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Navigating with SKDA and GPS Requires Forethought, Caution, and
Responsibility
Weacknowledge themethodological issues common to SKDAmentioned by
Cucina et al. (2017). As with any research design, methodological approach,
or data analysis, there are fundamental assumptions and limitations with
SKDA, and thus the approach should be usedwith caution. In addition to the
cautions raised by Cucina et al., we note a few more. For example, SKDA re-
sults are impacted by the distribution and reliability of drivers and outcomes.
There are at least three common checks researchers should conduct when it
comes to distribution assumptions. First, do the drivers and outcomes have
a similar skewness and kurtosis? The less similar the distributions of a driver
and an outcome are, the more a statistical relationship is reduced (Nunnally
& Bernstein, 1994). If the distributions are not similar, the researcher should
determine if such differences are reflections of the population parameters
or due to measurement error. Steps should be taken to mitigate that latter
(e.g., look for socially desirable wording, double-barreled items, etc.). Sec-
ond, are there outliers in the data that could impact relationships in either
direction (Cohen, Cohen, West, & Aiken, 2003)? Last, researchers should
examine whether the hypothesized and observed relationships are indeed
linear. SKDA utilizes multivariate analyses (such as correlation and varia-
tions of regression) that assume a linear relationship between predictors and
criterion. However, underpredication can result if nonlinear relationships
are present (Goodwin & Leech, 2006). Nonlinear relationships are not in-
herently bad; however, practitioners must be vigilant and account for them
appropriately.

Cucina et al. (2017) point out that latent factor structures should be
examined—we agree. The academic literature provides tremendous guid-
ance in terms of the antecedents, relationships, and construction of key con-
structs. However, a key point not acknowledged in the focal article is that
SKDA should be guided by theory but led by the organization’s strategic
goals. These business priorities provide the context and direction for applied
researchers to better understand the results and make appropriate recom-
mendations. For example, retaining an item simply because it adds to an al-
pha coefficient or adding an item to a broader category solely based on its
factor loading without regard to the organizational context will only serve
to reduce the face validity of the analyses and potentially the entire survey
effort in the eyes of the organizational leaders. We believe that many of these
measurement concerns can be mitigated by conducting a small sample sur-
vey prior to any broad survey data-collection effort. Conducting reliability
tests of measures is key—if the items of a measure do not consistently mea-
sure the construct of interest, it is important to catch these flaws prior to the
broad survey effort and adjust as needed.Moreover, it is equally important to
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ensure that any adjustments remain relevant to the client, which may result
in greater debate and effort to achieve a better fit than what otherwise would
result in a strictly theoretical or statistical approach.

We should also keep in mind that the methodological concerns that
Cucina et al. (2017) outline stem from analyses that are based on the gen-
eral linear model. This is certainly the most common approach to SKDA.
However, there are other approaches to SKDA (which are beyond the scope
of this commentary to review) that mitigate many of these concerns. For
example, Ridge regression and Shapley value regression are approaches used
whenmulticollinearity is a concern. Principle components regression, struc-
tural equationmodeling (SEM), and partial least squares regression are three
other approaches that, although distinct from one another, employ compos-
ite variables (components, factors, or latent variables) in place of the original
item-level variables. SEM in particular provides a great deal of flexibility in
modeling. Other more recent advances in SKDA use approaches such as hi-
erarchical Bayes regression to create separate models for each respondent
before aggregating them to an organization level. The resulting coefficients
tend to be more accurate than what we get from a single regression analysis
at an organizational level.

Last, it is important to keep inmind that SKDA is a snapshot in time and
expecting the same drivers to maintain the same impact on organizational
outcomes is misguided. As organizations and the environments in which
they operate evolve, the impact and relevancy that drivers have on key busi-
ness outcomes change. Practitioners and researchers must constantly evalu-
ate the relevancy and consistency of constructs measured.

SKDA and GPS Have Practical Advantages Despite Their Flaws
One of the many challenges we face as I-O professionals is the translation of
complex theory and statistical analyses into simplifiedmodels of human pre-
dictability for our clients. In a practical sense, SKDA is one of the more intu-
itive analyses we do that business leaders understand and can readily utilize
for positive change. SKDA engages business leaders to think about the im-
pact that certain actions or work-related characteristics (i.e., “key drivers”)
have on key business outcomes. This fact alone has made SKDA an invalu-
able tool in elevating and shaping business leaders’ perceived value of people
and exactly how they influence business outcomes. Almost 2 decades ago,
Rucci, Kirn, and Quinn (1998) demonstrated how data linkage analysis can
tie employee attitudes and human resource practices to business outcomes.
Since then, business leaders have a better appreciation and understanding
that some of the softer constructs we measure (e.g., engagement) can have
real business consequences. SKDA helps business leaders think about what
drives some of these softer organizational constructs.
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SKDA also helps our clients understand a set of variables’ relative contri-
bution (explained variance) on the outcomes of interest. For example, clients
are often interested in which drivers or areas of action aremost likely to yield
the most impact on an outcome of interest (e.g., engagement). SKDA allows
us to answer that question relative to other drivers, thus helping clients to
prioritize action for meaningful change. However, because SKDA involves
statistical modeling, I-O professionals must assume the mantel of respon-
sibility to prevent any inferences clients have about causality—a topic that
Cucina et al. (2017) raise and a topic on which we agree. Educating business
leaders on proper inferences from statistics is equally as important as deliver-
ing the insights. Therefore, our view is that SKDAmust be used responsibly
by I-O psychologists, meaning that we need to select the most appropriate
approach given the context, interpret the data appropriately, and continually
relay the strengths and limitations of our analyses to our clients. Quite often
we must do this in the face of organizational pressures to see results. It is the
job of I-O scientist–practitioners to push back when theoretical or statistical
lines are crossed.

There are other benefits of SKDA that are not acknowledged by Cucina
et al., one of which being that SKDA helps to lessen the cognitive burden of
data. Organizing drivers and outcomes, and analyzing the relationship be-
tween the two in a meaningful way helps to make data and insights much
more digestible and usable than a strict report out of all items (even if clus-
tered in some way). Another benefit of SKDA is that of relevancy, whereby
SKDA can help leaders focus on areas that are not only within their control
for action planning, but also important for advancing their business out-
comes of interest. This ultimately increases the likelihood that leaders will do
something with the results, and is a more useful technique than establishing
aspirational but vague targets (e.g. “improve the culture around here”) and
leaving the business to “just figure it out.” For example, without some direc-
tion, clients will often target the following:

� The lowest scoring item (or dimension)
� The biggest increasing or declining item(s) over time
� The results they thinkmatter based on their previous experience, personal
motivation, or inherent bias

� The results a client feels they can impact (e.g., the “easiest” but in actuality
least impactful action)

If drivers are not provided based on some type of statistical model,
clients will hypothesize relationships on their own (based on anecdotal
experience or personal bias) and decide what outcomes need to be solved
and how to solve them—often resulting in misguided or misaligned actions
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that can increase the degree of frustration between stakeholders and among
employees.

You Should Never Follow SKDA or GPS Blindly
More broadly, the scientist–practitioner model is a balance, and we believe
that there are more practical implications that supersede the psychomet-
ric points raised by Cucina et al. (2017). First and foremost, survey content
should be driven by the business problem at hand and secondarily by the-
ory and research hypotheses. Solving all of the psychometric issues raised by
Cucina et al. but not having the content relevant to the business issue at hand
results in outcomes that are irrelevant and unusable to the business.

We should also keep in mind that not all items included in an employee
survey are meant to be “drivers” of anything (e.g., safety, engagement). Sur-
vey content may include items for the sole purpose of communicating com-
pany values, principles, or vision, or as a mechanism for evaluating or track-
ing other business concerns (e.g., potential ethics or safety concerns, or per-
ception of product quality). These types of items may provide meaningful
data for specific stakeholders (e.g., labor relations team or health and safety
department) regardless of whether or not these additional items are con-
ceptually related to engagement or satisfaction. In these cases, the response
characteristics may not be ideal according to Cucina et al., but such high
scores or range restriction would be expected given their purpose. In cir-
cumstances such as these, sound theory, proper evaluation of statistics, and
the organizational context would guide us to not use certain items in key
driver analyses.

Our clients look to us as I-O professionals to measure, analyze, and de-
liver insights in a smart andmeaningful way. Decisions regarding what items
are included in SKDA and how results are reported is part of our role in
translating complex findings into simple, actionable insights. As I-O profes-
sionals, wemust carefully balance data analytics with identifying the insights
and crafting the story that leads to action.

However, regardless of how well-crafted our survey story might be, it is
still a single source of data collection. We must keep in mind that the story
becomesmuchmore powerful when we can augment the survey results with
other data (e.g., qualitative) and other outcomemeasures (e.g., customer sat-
isfaction, business performance, or turnover). Again, this is where our clients
rely on I-O professionals to find and present meaningful linkages that are
understandable, relevant, and help the organization achieve its goals.

Don’t Throw Out SKDA or GPS Just Because It Once Recommended a Poor
Route
We disagree with Cucina et al.’s (2017) recommendation to discontinue
SKDA. In our opinion, doing so would be “throwing the baby out with the
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bath water,” or in keeping with the GPS analogy, it would be akin to stopping
use of your GPS all together because it has the potential to guide you down
the wrong street. In addition to the practical advantages outlined above, we
believe there are many reasons why SKDA should remain in the practitioner
toolkit, namely these:

1. Many of the issues cited by Cucina et al. (2017) as reasons to abandon
the technique are not challenges exclusive to SKDA—rather, they are
methodological challenges inherent inmany types of multivariate anal-
yses (e.g., discriminant analysis, analysis of variance, etc.) regardless of
purpose (applied or academic). Therefore, to discourage the use of an
analytical tool based on the premise that there it has methodological
limitations and potential for misuse would by implication severely limit
the scientific tools we have available as scientists and practitioners. Us-
ing this logic, we would have to call into question any research that uses
regression, correlation, and the like.

2. SKDA is commonly used in other fields such asmarket research. For ex-
ample, market researchers may use it to determine which attributes of a
consumer product factor into a consumer’s decision to buy it. The field
of market research has debated the challenges of SKDA fairly exten-
sively (e.g., Gray, 2014) but still continues to see it as a viable tool when
used with caution. If another field interested in predicting and under-
standing humanbehavior finds themethoduseful despite its challenges,
why should I-O psychology reject it outright? This is not an issue of “ev-
eryone else is doing it, so should we.” The point here is that the field of
market research is just as, if not more, rigorous than I-O (e.g., it has a
formal code of conduct, standards for conducting research, and codes
for data analytics). If a field similar to ours in terms of rigor and meth-
ods finds ways to recognize the flaws and mitigate them appropriately,
why can’t we?

3. SKDA helps us understand what variables are related to key constructs
of interest. These relationships are typically not able to be identified
by simply asking employees what is important to them. Stated differ-
ently, SKDA distinguishes derived importance from stated importance.
For example, employees might say that flexible work options are very
important to their commitment with a company, yet statistical mod-
els might show that they play a very small role in predicting retention
relative to other factors such as pay, career opportunity, and so forth.

4. Cucina et al.’s proposed approach to replace SKDA is not sufficient. It
does not provide the degree of rigor that SKDA provides (e.g., provid-
ing derived importance of variables), and the process they outline is
essentially the classic survey-feedback-action planning process (Kraut,
2006), which often incorporates SKDA.
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We Should Keep Using GPS and SKDA, Just More Intelligently and Thoughtfully
Our view is that SKDA should continue to be in the researcher’s toolkit, if ap-
plied thoughtfully while striving to provide organizations with practical im-
plications. To do so, we have two recommendations for survey researchers.

1. Follow your I-O training when conducting SKDA. Our training as I-
O psychologists remains central to our success as scientists, practition-
ers, and professionals. It is our responsibility to research and conduct
analyses in a thoughtful, thorough way to ensure we are pointing orga-
nizations in a direction that is well supported by data. Understanding
the problem to solve and how best to approach the questions posed by
our clients are critical first steps in identifying the constructs and hy-
potheses to test. Survey items should be designed with the purpose in
mind (e.g., to measure a larger construct, to provide feedback on an or-
ganizational initiative), and multi-item constructs should be supported
by theory and pilot tested to understand their psychometric properties.
We must choose the right SKDA analytical approach based on the con-
text, data, and research goals. Last, we must educate the business on
how to interpret results with the limitations in mind (e.g., violation of
assumptions, causality).

2. Do not let SKDA be the only tool in the toolkit. SKDA is one of many
views when examining survey results, and using it as the only analytical
approach limits our understanding of the data. Internal (e.g., year-over-
year trends, item comparisons) and external (e.g., consortium bench-
marks) comparisons are other measures that can help practitioners un-
derstand how employee attitudes are changing over time or how they
relate to other organizations. Also, linking survey data to other sources
of data (e.g., performance ratings, talent movement data, regional eco-
nomic data) can help add to the results and provide greater insights in
the drivers and outcomes. Qualitative methods (e.g., survey comments,
interviews, focus groups) can also help us confirm (or disconfirm) sur-
vey results and add more understanding behind the survey findings.

In summary, we believe that SKDA plays a critical role in understand-
ing important organizational outcomes. Cucina et al. (2017) cite a number
of statistical and methodological challenges associated with SKDA, suggest-
ing that the limitations inherent with this approach should overshadow any
practical utility of enacting this approach. Our view is that there aremethod-
ological limitations to any measurement or analytical approach in our I-O
toolkit. Instead of abandoning these approaches altogether as Cucina et al.
recommend, we need to (a) choose the right approach for the situation,
(b) understand the strengths and limitations of that approach, (c) work to
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mitigate the vulnerabilities throughout the data analysis, and (d) ensure we
convey to our clients the strengths and limitations of the approach taken.
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