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In this paper, we present a pricing model for vulnerable options in discrete time. A General-
ized Autoregressive Conditional Heteroscedasticity process is used to describe the variance
of the underlying asset, which is correlated with the returns of the asset. As for counter-
party default risk, we study it in a reduced form model and the proposed model allows for
the correlation between the intensity of default and the variance of the underlying asset.
In this framework, we derive a closed-form solution for vulnerable options and investigate
quantitative impacts of counterparty default risk on option prices.
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1. INTRODUCTION

In this paper, we investigate the pricing issue of vulnerable options under a discrete-time
Generalized Autoregressive Conditional Heteroscedasticity (GARCH) model. Vulnerable
options refer to European options with counterparty default risk, and counterparty default
risk refers to the risk in a financial contract that one counterparty defaults prior to matu-
rity and fails to make the payments in accordance with agreed terms. Vulnerable options
are usually traded in the over-the-counter (OTC) markets, and OTC contracts are indeed
exposed to counterparty default risk, since there are no marking to market and delivery
guaranty mechanisms. To protect counterparties from each other’s default, the clearing
counterparty (CCP) (CCP is a process by which financial transactions are cleared by a sin-
gle central counterparty.) was introduced as a new regulatory approach to financial stability
(see, e.g., Duffie and Zhu [12]). The main goal of introducing CCP is to prevent counterpar-
ties from each other’s default and a large number of the OTC markets has moved toward
the CCP. However, the OTC derivatives remain a significant part of the world of global
finance. (The statistics in the ISDA survey “OTC Derivatives Market Analysis, Year-End
2012, published in June 2013, show that the notional outstanding of OTC derivatives
approximated US$632.6 trillion on December 31, 2012.) Additionally, counterparty default
risk has received much more attention due to the 2007-2008 financial crisis, and has been
one of the risks facing all the participants in the OTC markets. The most cited example
is the largest insurance company in the world, American International Group (AIG). AIG
provided insurance against bond defaults by selling credit default swaps (CDS). CDS are

© Cambridge University Press 2016  0269-9648/16 $25.00 100

https://doi.org/10.1017/50269964816000292 Published online by Cambridge University Press


file:xchwangnk@aliyun.com
file:wangx@uibe.edu.cn
https://doi.org/10.1017/S0269964816000292

ANALYTICAL VALUATION OF VULNERABLE OPTIONS 101

frequently traded in the OTC markets and are priced by taking into account the possible
defaults of the seller of the contract. For instance, Arora, Gandhi, and Longstaff [2] show
that default risk is priced in the CDS markets by examining an extensive data set of CDS
transaction prices. Since counterparty default risk indeed exists, taking counterparty default
risk into account is necessary when valuing OTC contracts.

There are two methods to capture credit default risk, structural models and reduced
form models. Structural models spring from the pioneering work by Black and Scholes
[5] and Merton [25], in which a default happens if the value of a firm’s assets is lower
than debt obligations at maturity. In the structural models, credit events are triggered
by the movements of the firm’s value relative to some credit-event-triggering threshold
(or barrier). Structural approaches have been adopted to study corporate bonds in the
literature, including Black and Cox [4], Leland [23], Leland and Toft [24] and Anderson and
Sundaresan [1], and vulnerable options, for instance, Johnson and Stulz [19], Klein [21], Cao
and Wei [7], and Tian et al. [27]. Based on the first work on vulnerable options by Johnson
and Stulz [19], Klein [21] presents an improved method of pricing vulnerable Black—Scholes
options and derives an analytical pricing formula of the options with correlated credit risk.
Cao and Wei [7] investigate the case where the counterparty has two types of liabilities:
a corporate bond and a short position in a call option. In a recent work, Tian et al. [27]
incorporate jump processes to describe the dynamics of asset prices and investigate the
impact of jump risk on vulnerable option prices. Wang [29] investigates the differences in
the prices of vulnerable options with different counterparties. Without examining underlying
causalities of default, reduced form models assume Poisson-type arrivals of defaults, with
an intensity of default governed by exogenous state variables. Examples of reduced form
models include Artzner and Delbaen [3], Jarrow, Lando, and Turnbull [17], Lando [22], and
Duffie and Singleton [11]. Adopting reduced form models of credit risk, Hull and White
[16], Jarrow and Turnbull [18] and Fard [13] also consider the pricing of vulnerable options.
Hull and White [16] consider derivative securities with default risk using the reduced form
models, by assuming the holder of a security could only recover a proportion of its no-
default value in the event of a default by the counterparty. Fard [13] describes the dynamics
of the underlying asset using a kernel-biased completely random jump-diffusion process,
and adopts a mean-reverting Ornstein-Uhlenbeck process to capture the default intensity.
Based on the Esscher transform, the author determines an equivalent martingale measure
(EMM) and obtains a closed-form price for vulnerable options.

This paper attempts to evaluate vulnerable options in a discrete-time framework, by
considering credit default risk in a reduced form model and adopting a GRACH process to
describe the variance of the underlying asset. GARCH processes are applied to take into
account the volatility clustering phenomenon by Bollerslev [6] and are used to describe the
dynamics of the underlying asset for valuing options (see, e.g., Duan [10], Heston and Nandi
[14], and Christoffersen et al. [9]). Following Heston and Nandi [14], we use a particular
GARCH process to describe the variance process. In contrast to earlier studies, this paper
has four main characteristics. First, this paper is the first one to consider vulnerable options
in a GARCH reduced form model and the possible default before maturity is considered.
Second, the proposed model captures stochastic nature of volatility. There are few papers
focusing on stochastic volatility when pricing vulnerable options. To our best knowledge,
Wang and Wang [28] and Yang, Lee, and Kim [30] are the only exceptions, where the
authors adopt different kinds of continuous-time stochastic volatility models. Third, the
proposed model captures stochastic nature of correlation between returns and volatility for
the underlying asset and allows for the correlation between the intensity of default and the
variance of the underlying asset. Lastly, the closed-form solution for vulnerable options is
also derived.
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The remainder of this paper is organized as follows. In Section 2, the proposed frame-
work is presented and we derive an explicit pricing formula of vulnerable European options.
Section 3 presents numerical results to illustrate vulnerable option prices. Finally, concluding
remarks are contained in Section 4. The detailed proofs are shown in the appendix.

2. THE MODEL

In this section, we present the pricing framework and derive a closed-form solution for
vulnerable European options. Our formulation incorporates time-varying variance for the
underlying asset described by GARCH processes and captures counterparty credit risk in
a reduced form model. Additionally, the proposed model allows for the correlation between
the variance of the underlying asset and the default intensity.

Assume that the uncertainty of the economy is described by a probability space
(Q, #,P), equipped with an information flow {.%; },>¢, where P is a real-world probability
measure. Suppose that the underlying asset price satisfies the following process under P,

InS(t+1) = S(t) + 7+ (Is — 1) hy(t + 1) + /Rs(t + D) Z4(t + 1),

2 (2.1)
ho(t+1) = ws + bshs () + a (Zs(t) — hs(t)) ,

where S(t) represents the value of the underlying asset at the close of day ¢, r is the
interest rate, and [; denotes the market price of risk, with expected returns being r +
Ishs(t + 1) during the interval of time [t,t + 1]. Shocks to the returns are generated by a
standard normal variable Z;(t 4+ 1), and the conditional variance hs(t + 1) is known at the
end of day t. The term —(1/2)h4(t + 1) is a convexity adjustment introduced such that the
conditional expectation of returns becomes

S(t+1)
P _ rlha(t41)
E[ 5(0) } ¢ |

This class of GARCH processes are proposed by Heston and Nandi [14] and are station-
ary with finite mean and variance if bs + asc? < 1 (see Heston and Nandi [14] for detail).
This process allows for the correlation between the returns and variance, that is,

Covi_1(hs(t+1),In8(t)) = —2ascshs(t).

Positive values for as and ¢, imply a negative correlation between returns and variance. In
addition, GARCH models have an obvious advantage that volatility or variance is observable
from the history of asset prices, compared with the continuous-time stochastic volatility
models. To be specific, due to the dynamics of the underlying asset in (2.1), we can observe
disturbance processes Z,,(t) from the market price of the underlying asset,

Zy(r) = 2USOVISE = 1>]}h—(z)— (1 — [1/2)hs(1)

which results in an observable conditional variance hy(t + 1) as follows:

)

2
ho(t +1) = wy + byhs(t) + ay (Zs(t) — ¢, hs(t)>

m{[SO)/[S¢ - DI} —r = (s = [1/2Dhs(t) 1 0 :
X0 A

= ws + bshs(t) + as <
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The above model can capture the time-varying variance and correlation between the
returns and the variance of the underlying asset. To derive option prices, we now determine
an EMM. First, define the following conditional Radon-Nikodym derivative:

dq

exp {03 REEYAE 1)}

EF [exp {95 ha(t + 1) Zs(t + 1)H ’

(2.2)

where 6 is a constant. The form of the above Radon—Nikodym derivative is motivated by
the affine structure of the pricing kernel (see, e.g., Christoffersen, Jacobs, and Ornthanalai
[8]). To determine an EMM @, the martingale condition should hold. The following result
gives a necessary and sufficient condition.

PROPOSITION 2.1: The martingale condition holds if and only if

Moreover, Zs(t) + ls\/hs(t) is a standard normal variable under Q.

Based on the above condition ensuring that @ is an EMM, the risk-neutral dynamics
of the underlying asset is given as follows.

PROPOSITION 2.2: The underlying asset price S(t) satisfies the following processes under @,

mS(t+1) = InSE) + 7 — %hs(t—i— 1)+ VI EF D2+ 1),

, (2.3)
ho(t+1) = wy + bshs(t) +aS(Z;‘(t) ~ (e 4+ 1) hs(t)> :

where ZX(t+ 1) := Zs(t + 1) + ls\/hs(t + 1) is a standard normal variable under Q.

A direct application of Proposition 1 in Heston and Nandi [14] helps us obtain Propo-
sitions 2.1 and 2.2. (The detailed proofs are available from the author upon request.) To
price vulnerable options, we describe counterparty default risk and investigate the payoff of
vulnerable options in the following subsections.

2.1. Counterparty Default Risk

In this subsection, we consider counterparty default risk in a reduced form model, where
the default event is governed by a specified intensity process. We model the random time of
default 7 as the first jump time of a doubly stochastic Poisson process (Cox process) with
intensity A(t), which is the conditional mean arrival rate of default measured in events per
day. Suppose that the default intensity is governed by the following process under Q:

2
At + 1) = wy + baA(t) + ax (zAa)) , (2.4)
where wy > 0, by >0, ay > 0, and Z,(t) is a standard normal variable, capturing a time-

varying intensity. The intensity process is wide-sense stationary if and only if a) + by < 1
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(see Bollerslev [6] for more detail). Note that A(t 4+ 1) is the mean arrival rate of default in
(t,t + 1] given survival up to time ¢, we have that

Q(r > t+11.%) = EZ [e‘A(tH)} = ¢~ MY, (2.5)

Additionally, we assume that Z*(t + 1) and Z,(t + 1) have a correlation coefficient p.
From the dynamics of the underlying asset in (2.3) and the intensity process in (2.4), one
gets that the covariance of the variance of the underlying asset with the default intensity is
given by

Covi_ (hs(t F1),A(E - 1))

2

= Covy_4 (ws + bohs(t) + as (Z;‘(t) — (s + 1)V hs(t)) w4 bAA(E) + ax (ZA(t)>2>

)
= asaxCovi_; ((Zi(t) — (es +1s) hs(t))Qv (Zx(t))Q
(

— a.a5Covy_y ((Z:(t))2 = 9es + IO Z (1), ZA(t))Q)

2
= 2asaxp”,

where we have used the fact that hs(t) and A(¢) are known at time ¢t — 1. We observe that
our specification captures positive correlation between the variance of the underlying asset
and the default intensity with positive values of as and a) and a non-zero p. Intuitively,
the variance of the underlying asset and the default intensity are both positively correlated
with market risk.

2.2. Vulnerable Option Prices

Based on the framework described above, we derive an explicit formula of vulnerable call
options in this subsection. To this end, we first focus on the payoff of vulnerable call options.
Due to the possibility that the counterparty defaults, the payoff of vulnerable options
depends on whether default events occur or not during the lifetime of the options. Con-
sequently, the payoff of vulnerable options consists of two parts. If there is no default
event before the maturity 7', the payoff of vulnerable options is equal to the payoff on
a vanilla European call option. Mathematically, this part of the payoff can be expressed
as I(t > T)(S(T) — K)*, where 7 denotes the default time and I(7 > T) indicates the
case when no default events occur before the maturity 7. If default events occur during
the lifetime of the options, only a proportion of its market value can be recovered. In
this case, the payoff of vulnerable options equals aE?[e~"(T=7)(S(T) — K)*|.Z,], where
EQ[e~"(T=7)(S(T) — K)*|.%,] represents the value of vulnerable call options at time 7
and « is the recover rate. Therefore, the value of a vulnerable call option, C*, can be
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represented by,

C* = e TEQI(r > T)(S(T) - K)*]
+E2[1(0< 7 < T)a —”EQ[ TI(S(T) - K) 7|

= TE?[I(r > T)(S(T) - K)*| + e TEQ[1(0 < < T)(S(T) - K)*|,

where the expectation is taken under the EMM Q. Note that [(0 <7 <T)=1-I(r>T),
we can rewrite C* as follows:

0+ = ¢ "TEQ [I(T > T)(S(T) — K)ﬂ +aeTER [1(0 <7 <T)S(T) - Kﬂ
= (1-a)e"TE? [I(T > T)(S(T) — K)ﬂ +ae TEQ [(S(T) - K)*}

= (1-a)eT (11 - KIQ) tae T (13 - KI4), (2.6)

where [1—14 are given by

I =E° [S(T)J(T >T,8(T) > K)}, (2.7)
I, = EQ [I(T >T,8(T) > K)], (2.8)
I; = EQ [S(T)I(S(T) > K)], (2.9)
I, =E° [I(S(T) > K)}. (2.10)

The closed form solutions for I1—I; yield an explicit formula of vulnerable option
prices C* in (2.6). To calculate I;—I, now we turn to derive the closed-form solution for
the moment generating function of x(7T) :=1nS(T) and 25:1 A(s), which is denoted by
f(0; T, p1, ¢2) as follows:

F05T. 1, 60) = B9 [e#r=(T 02 20000,

Note that

FO; T, i, ipe) = IEQ[ i1 (T)+igs A(s):|

is the characteristic function of z(T") := In.S(T) and Zil A(s). By inverting the charac-
teristic function, we can calculate probabilities and hence obtain the expressions of I1—Iy
shown in Proposition 2.4. The following result gives the explicit expression of f(¢; T, ¢1, o)
defined by

f(t;T, 1, d2) = E? [emx(T)wQ T ,\(s)]
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PROPOSITION 2.3: The conditional moment generating function of x(T) and Zil A(s),
with the notation x(T) = InS(T), admits the following form:

¢
f(t; T, ¢1,¢2) = exp {¢13€(t) + 62 Y A(s) + AL T, é1,02) + Bi(ts T, 61, d2)ha(t + 1)
s=1

+ B2(t7 T7 ¢17 ¢2))‘(t + 1)} ’

where A(t; T, ¢1, ¢2), B1(t; T, ¢1, ¢2) and Ba(t;T, ¢1, d2) are given by

AT, d1,¢2) = pir + At + 1; T, g1, d2) + wsB1(t + 1; T, 1, d2) + waBa(t + 1; T, ¢1, ¢2)

— (1= 203Ba(t + LT, 61,02)(1 — )

axBa(t + 1; T, ¢1, ¢2)p* ))
1—2a)\Ba(t+ 1; T, ¢1,02) (1 —p2) ) )’

1
B1(t;T, ¢1,02) = bsB1(t + 1; T, ¢1, ¢2) — 31+ as(cs +1s)?B1(t + 1; T, 61, ¢2)

1
— 5111 (1 -2 (asBl(t+1;T7¢17¢2)+

2
(61— 2ases + L) Bi(t + 1,7, 61,62))

+
. axBa(t+1;T,¢1,¢2)p? ’
2(1 - 2<“SBl(t + LT, ¢1,62) + 1—2afB§(t+1;T,¢f,¢;)(1—02)))

Bo(t; T, g1, d2) = baBa(t + 1; T, é1, ¢2) + 2,

and these coefficients can be obtained recursively using the terminal conditions,
A(T;T, ¢1,02) = Bi(T5 T, ¢1,¢2) = Ba(T5 T, ¢1, $2) = 0.
PROOF: See the appendix. |

It should be noted that Bs(t; T, ¢1,¢2) has no independence on the variable ¢; and
can be derived in a closed form, that is, Ba(t; T, ¢1,¢2) = (1 — b5 *)/(1 — by)d2. In addi-
tion, A(t; T, ¢1, ¢2) and By (t; T, ¢1, ¢2) are defined recursively using the terminal conditions
A(T; T, ¢1,02) = B1(T; T, ¢1,¢2) = 0. Based on the expression of the characteristic function
f(0; T, i1, i¢2), we can derive the vulnerable option price in (2.6). Hence, the expressions
for A(t;T,i¢1,i¢p2) and By (t;T,i¢1,i¢p2) appear in the closed form solution for vulnerable
option prices.

PROPOSITION 2.4: The price of vulnerable options with strike price K and maturity T is
given by

Cr =T [(1 —a)* (Hl(O;T) + %f(O;T, 1,—1) — KI,(0;T) — %Kf(o; T,0, 1)>

+a (Hg(O;T) + %f(O;T, 1,0) — KTL,(0:T) — ;K)] .
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where the closed form solution for f(0;T, ¢1, ¢2) is derived in Proposition 2.3 and I1;(0;T),
I (0;T), I5(0;T), and 114(0; T') are given by

1 0 r,—i¢p1 In K -T 1.—1
H1(0;T):7/ Re | SO T igs 11, )]dgﬁl,
™ Jo i1
1 o0 M ,—i¢1 In K T -1
I,(0;T) = —/ Re | < f(O’ 101, )} de,
7 Jo i1
oo ro—ipr In K £00. 7 s
3(0;T) = l/ Re | & f((,)’T’wsl i 1’0)] den,
7 Jo i1
1 oS} r,—i¢1In K 0:-7.14 0
I,0;7) == [ Re|< HOT, iy, )}d@.
™ Jo I iP1
PROOF: See the appendix. [ |

When o = 1 (there is no loss when default occurs), the pricing formula in Proposition 2.4
reduces to the vanilla European call option pricing formula in Heston and Nandi [14]. Based
on the explicit expression of the moment generating function, we have obtained the closed-
form solution for vulnerable options. In the next section, we present some numerical results
to illustrate vulnerable option prices.

3. NUMERICAL RESULTS

In this section, we illustrate vulnerable option prices using the derived pricing formula. In
order to observe the quantitative impact of counterparty default risk, we choose the Heston
and Nandi [14] model as a reference model. In addition, we contrast the values of vulnerable
options issued by different counterparties. To be specific, we suppose that there are three
counterparties (denoted by A, B, and C) issuing options with the same underlying asset,
and these counterparties have different default probabilities as listed in Table 1. The data
in Table 1 is from Hull [15], representing average cumulative default rates for corporate
bonds in different rating categories during years 1970-2009. To determine four parameters’
values in the dynamics of the default intensity, we choose four default probabilities during
a period of 1.0, 3.0, 5.0, and 7.0 years. By equating the default probabilities implied by the
proposed model (As shown in the previous section, the default probability in the proposed
model during years 0-T is 1 — f(0;T,0, —1), and the closed-form solution for f(0;7,0,—1)
is given in Proposition 2.3.) with those in Table 1, we obtain the parameter values in
the default intensity dynamics. (Since the default probabilities implied by the proposed
model are of the recursive form, it is not easy to show the uniqueness and existence of the
parameter values. We have to investigate it numerically. If the uniqueness and existence
cannot be guaranteed, we can alternatively estimate the parameters by minimizing the

TABLE 1. Average Cumulative Default Rates (%), 1970-2009.

Term (years) 1.0 3.0 5.0 7.0

Counterparty A 0.176 0.912 1.926 2.996
Counterparty B 1.166 5.583 10.397 14.318
Counterparty C 4.546 16.188 25.895 34.473
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distance between theoretical and empirical cumulative default rates. The author thanks the
referee for pointing out this issue.) The parameter values for three counterparties are listed
in Table 2 and the corresponding cumulative default probabilities are plotted in Figure 1,
using the derived formula of 1 — f(0;7,0, —1).

As a reference point of the numerical results, Table 2 also summarizes a base set
of parameters for the underlying asset. We set ws = 2.101 x 10717, a, = 3.317 x 1079,

TABLE 2. Parameter Values in the Base Case.

The underlying asset parameters

Initial price

Market price of risk

Parameters governing variance processes

Initial variance

The default intensity parameters (A)
Initial intensity
Parameters governing default intensities

The default intensity parameters (B)
Initial intensity
Parameters governing default intensities

The default intensity parameters (C)
Initial intensity
Parameters governing default intensities

Other parameters

S(0) =100

ly =2.231

wy = 2.101 x 10717
bs = 9.012 x 1071
hs(0) = 0.01/365

A(0) = 4.826 x 1076
wy = 1.121 x 1078
by = 9.994 x 107!

A(0) = 3.213 x 107°
wy = 1.542 x 1077
by =9.977 x 1071

A0) =1.274 x 1074
wy = 8.637 x 1077
by = 9.949 x 107!

Interest rate r=0.05
Strike price K =100
Maturity T=20

Correlation coefficient p=0.50
Recovery rate a = 0.50

0.35 T T

—— Counterparty C
w 03F| " - Counterparty B
2 Counterparty A
2 0.25}
Q
<]
g 0.2F
>
@©
©
Q 0.15¢ -
° -
= ="
2 oaf JPtads
IS -
3 -
© o.05¢ T

G - n " 1 n n n
0 500 1000 1500 2000 2500 3000

as = 3.317 x 1076
cs = 1.276 x 10?

ay = 3.318 x 10712

ay = 2.601 x 10~

ay = 2.743 x 10710

Time to Maturity (Days)

FicUure 1. Cumulative default probabilities for Counterparties A, B, and C.
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by = 9.012 x 107!, and ¢, = 1.276 x 102. The market price of risk is set to be I, = 2.231.
These parameters are borrowed from Christoffersen et al. [9], where the parameters are
estimated using maximum likelihood and daily total returns from July 1, 1962 to December
31, 2001 on the Standard and Poor’s 500 index. The annual initial variance is set to be 0.01,
which means the instantaneous volatility is 0.10. As a base case, we suppose the vulnerable
option is at the money and time to maturity is assumed to be 2 years. The variance of the
underlying asset and the default intensity are correlated by setting p = 0.5. In the follow-
ing, we investigate quantitative impacts of counterparty default risk on option prices with
alternative maturities and spot-to-strike ratios.

Figure 2 depicts the values of call options with alternative maturities and several obser-
vations are in order. First, the values of the options without counterparty default risk are the
largest and those of the options issued by Counterparty C are the smallest. Intuitively, once
default events occur, option holders will suffer from the loss, reducing option values, and
Counterparty C is mostly likely to default. Second, the default risk becomes more and more
pronounced as the life of the option rises. Third, the values of the options issued by Coun-
terparty A are very close to those without default risk, even when time to maturity increases
to 5 years, while the gaps between option prices without default risk and those issued by
Counterparty C increase quite quickly, as shown in Figure 3 more obviously. For instance,
the distance between option prices with no default risk and those issued by Counterparty

30

~—— No Default Risk

Counterparty C
25F| .- - Counterparty B Pl
- - -Counterparty A -

Option Prices

0 500 1000 1500 2000
Time to Maturity (Days)

FIGURE 2. Option prices against time to maturity.

35
Counterparty C
- - Counterparty B
SM--- Counterparty A
25F
%3
@
2 2t
o
5
2 1.5f
O .
1t -
0.5f T -
0 Ce=mm T o e---====7 :
0 500 1000 1500 2000

Time to Maturity (Days)

FIGURE 3. The Heston—Nandi price less than the proposed model price for call options
with alternative maturities.
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C rises from 0.2416, corresponding to maturity 7' = 1.0 to 3.501, corresponding to maturity
T =25.0.

Figures 4 and 5 plot option prices varying with the spot to strike ratio. The impacts of
counterparty default risk are more pronounced for deep-in-the-money options. For instance,
the difference between the values of the options without default risk and those of the options
issued by Counterparty A is only 0.0094 with spot-to-strike ratio being 0.8, and the difference
increases slowly to 0.0841 in the case when spot-to-strike ratio is 1.20. In contrast, the
differences between the values of the options without default risk and those of the options
issued by Counterparty C are 0.1893 and 1.6912, respectively. Intuitively, once credit events
occur, deep-in-the-money option holders will suffer from more potential credit losses.

Figure 6 presents option prices against recovery rate. Recovery rate only affects the
payoff of the options when default happens, hence option prices in the Heston-Nandi model
are not affected. Increasing the recovery rate from 0.40 to 0.60, values of the options issued
by Counterparty A change from 14.33 to 14.34, while those corresponding to Counterparty C
are 13.43 and 13.75, respectively. Hence, the more likely the counterparty is to default, the
more sensitive option prices are to recovery rate.

35 T
—— No Default Risk
Counterparty C
30f - - Counterparty B
- - -Counterparty A

Option Prices

8.8 0.85 0.9 0.95 1 1.05 1.1 1.15 1.2 1.25
Spot-to-strike Ratio

FIGURE 4. Option prices against spot-to-strike ratio.

1.8

Counterparty C
1.6{{ - - Counterparty B
- - - Counterparty A

1.4F

1.2f

0.8f

Option Prices

0.6
0.4f e

0.2f =

0.8 085 09 0.95 1 1.05 1.1 1.15 1.2 1.25
Spot-to-strike Ratio

FIGURE 5. The Heston—Nandi price less than the proposed model price for call options
with alternative pot-to-strike ratios.
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FicURE 6. Option prices against recovery rate.

4. CONCLUSION

In this paper, we contribute to the literature through investigating vulnerable options in
discrete-time models. The proposed model captures stochastic nature of variance, which is
described by a GARCH process and correlated with the returns of the asset. The reduced
form model is adopted to model counterparty default risk and the default intensity is time-
varying stochastically. In addition, the correlation between the intensity of default and
the variance of the underlying asset is allowed in the proposed model. Analytical formula
of vulnerable options is obtained and numerical results are given to illustrate vulnerable
option prices.
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PENDIX

PROOF OF PROPOSITION 2.3: Let z(t) = In S(¢). Denote by f(t; T, ¢1, ¢2) the conditional moment
generating function of 25:1 A(s) and X(T), that is,

Int

For
It

T
F(& T b1, ¢o) = EZ |12 Ho22 0 A(s)].

he following, we show that the moment generating function has the log-linear form below:
t
f(t; T, ¢1,¢2) = exp {¢1w(t) +d2 > M)+ AT, 61,02) + Bi(t:; T, ¢1, d2)hs (t+1)
s=1
+ Ba(t; T, ¢1, d2)A(t + 1)} :

convenience, we use the more parsimonious notations f(t), A(t), B1(t), and Ba(t) to indicate
T: ¢17 ¢2)7 A(t7 Ta ¢17 ¢2)a Bl (t7 T? ¢15 ¢2) and BZ(t7 T: ¢17 ¢2)
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At time T, z(T) and Zfil A(s) are known and it holds that f(7') =exp{¢1z(T)+
b2 ZZZI A(s)}, which in turn implies the following terminal conditions:

A(T) = B1(T) = Ba(T) = 0.
Applying the law of iterated expectations to f(t) yields that
ft) = IE? {edﬁll‘(T)"rtbz - /\(5)]
_ E? {E?-H [e¢1x(T)+¢2 o >\(S)H

=EZ[f(t+1)]

t+1
exr>{¢1w +¢2ZA )+ A(t +1) + By (t + 1)hs(t +2)

_ g9

+ Bo(t+ 1)A(t+ 2)}

Substituting the dynamics of (¢t + 1), hs(t 4+ 2), and A(¢t + 2), we have that

70 =52 [oxp {1000+ o7~ Jouna(t+1) + 01 /AuEF D2+ 1)
t+1

+¢2Z)\ )+ At +1)

+Bl(t+1)(ws+bshs(t+1)+as(z;‘(t+1)—(cs+zs) hs(t+1))2>
+ Bg(t+1)<w>\+b)\)\(t+1) —&-a,\(Z)\(t—l-l))z)H :

Rearranging terms implies that

t+1

exp{¢1x(t)+¢1r—;¢1h (t+1)+d2 > As)+A(t+1)

s=1

f(t) =EY

+ Bi(t+ 1)(ws + bshs(t + 1)) + Ba(t +1) (wA +bhaA(t+ 1)) + \If}

_ g9

t
exp {¢1x(t) + ¢ Z A(s) + p1r + A(t+ 1) + ws B1(t + 1) + wyBa(t + 1)

+ (bsB1(t +1)— %¢1> hs(t+1) 4+ (baBa(t + 1) + ¢2)A(t+ 1) + \I’}

= exp {¢133(t) + 2 ) M)+ ¢1r+ A(t+ 1) + wsBi(t + 1) + wyBa(t + 1)

+ (bsBl(t +1) — %ch) hs(t+1) + (brBa(t + 1) + ¢2)A(t + 1)}

X EtQ [exp{\ll}},
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where U has the following form:

U = p1\/hs(t +1)Z5(t+ 1)+ asB1(t + 1)<Z;‘(t+ 1) — (cs + As)Vhs(t + 1))2

tarBa(t +1)(Za(t+ 1),

2
To derive EtQ [exp{\ll}], now we investigate E? [exp {aABg(t + 1)<Z>\(t + 1)) }‘Z;(t + 1)} Note
that Zx(t+ 1) and ZZ (¢t + 1) are two standard normal variables with a correlation coefficient p,
which allows us to rewrite Z) (¢t + 1) as follows:

Z\t+1)=pZ;(t+1)+V1—p2Z,

with Z being a standard normal variable, independent of Z7 (¢ + 1). Based on the above expression,
one has that

EY {exp {a)\Bg(t + 1)(Z)\(t + 1))2}‘2:(15 + 1)]

= ]E? {eXP{GABz(t"‘ 1)(mz+pZ§(t * 1)>2}

Zi(t+ 1)}

2
= ]EtQ [exp axBa(t + 1)(1 — p%) (Z + \/%7;)22:(1‘/ + 1)) Zit+1)
2
o {0 ) B o))

where in the last equality we have used the fact

2
a(Z+b)? —lin(1-2a)+-2L
Ee( ) —e 2 ( ) 1-2a

with Z being a standard normal variable.
In the following, we focus on IEtQ [exp{\ll}], which in turn gives us the form of f(¢). Note that

Z%(t+1) is a standard normal variable. We derive IEE2 [exp{\lls}] as follows:

EY [eXp {m Vhs(t + 1) ZE(t+1) + asBi(t + 1) (Z;‘ (t+1) = (cs +1s)V/hs(t + 1))2
+ ayBa(t + 1)(Z>\(t + 1))2”

— 50 [B: [exp {01 VA F DZE(E+ 1) + Byt + 1) (Z5E+1) — (e + L)WV D)

+ayBa(t + 1)(Z,\(t+ 1))2}‘Z;‘(t+ 1)“
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2
=EY {exp {¢1 Vhst+1)Z5(t+ 1)+ asBi(t + 1)(2;*(1& +1) — (cs +1s)V hs(t + 1)) }
2 *
x Eq {exp{aABz(t+ 1)<Z,\(t+ 1)) } ’ZS (t+ 1)”

—E% {exp {sz:(H 1) + as By (t + 1)(zj(t+ 1) — (cs + 1s)v/hs (t + 1))2}

x exp{—% In (1 — 2a\By(t +1)(1 — p2)> + 1 2;’;522(( ))8 = (Z:(t + 1))2}}

=E? {exp{m hs(t+1)2:(t+1)+asBl(t+1)(z;(t+1)_(c3+zs) hs(t+1))2

=y (1= 2Bt 01— )+ 2P (72

2
= EY {exp {m (Z;(t + 1)) +ueZi(t+1)+ ,usH ;
where p1, p2, and ps are defined by

axBa(t +1)p?
1—2a)Ba(t+1)(1 — p2)’

H2 = <¢1 —2as(cs +1s)B1(t +1) )/ hs(t + 1),

H3 = as(es + 1) Bt + Dha(t +1) = 5 Ly, (1 —2a\By(t+1)(1 — p2)>.

Hm1 = asBl(t + 1) +

Recall that Z7 (¢t + 1) is a standard normal variable, and one gets that

EQ [exp {m (z20+0) +mzi+1) + qu
= E¥ {

2 2
exp{u1<Z;(t+1)+£) +u3*ﬁH
2p1 4y

2 2
3 <
_ " g zk e
re 4u1} t{exp{m E+ )+2M1) H
w3 1 B p2 )
2
— 2 —~In(1 -2 — =
M8 = XeXp{ 5 In( M1)+1—2u1 (%1) }

where in the last equality we have also used the fact

— =

Evea(Z+b)2 _ 67% 111(172a)+[abg/(172a)]7

with Z being a standard normal variable.
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Substituting the expressions of j1, p2, and p3, and completing some algebra shows that

pr1 M1 p2 \?
Ms—ﬁ—*ln(1—2m)+ (7)

4 2 1—2p1 \ 211
s
=pu3— =In(1—2u1) +
I (1—=2um) 50— 21)

= as(cs +1s)?B1(t + Dhs(t + 1) — %m (1 — 2a\Ba(t + 1)(1 — p2))

axBa(t +1)p? ))

1
—~In(1-2(asBi(t+1
2 n( (“S 1+ 1)+ 1—2a\Ba(t + 1)(1 — p?)

<¢1 — 2as(cs +1s) By (t + 1))2

axBa(t+1)p2
2(1-2(asBrle+ 1) + R )

+ hs(t + 1)

ay)Bo(t + 1)p2_ p2)>>

1—2a\Ba(t + 1)(1

! sy 1
=—3n (1 —2a\Ba(t+1)(1—p )) -5 (1 72<aSBl(t+ 1)+

(qi)l — 2as(cs +1s)B1(t + 1)) ?

ayBa(t+1)p2
2(1 = 2(esBr(0+ ) + R E T )

+ | as(es +15)?By(t +1) + hs(t +1).

Therefore, we have obtained that

E? [exp{\P}} = exp f% In (1 —2a\Ba(t+1)(1 — p2)>

axBa(t +1)p? >>

1
~ 5 (1—2(a531(t+1)+ e Bt =)

+ | as(es +1s)°Bi(t + 1)

(¢1 — 2as(cs + 1s) By (t + 1))2

Jr
axBa(t+1)p2
2(1*2<a531(t+ D+ 1—2af822((t+1))(p17p2)>>

hs(t +1)

Hence, A(t), Bi(t), and Ba(t) are given by
A(t) =g1r + A(t + 1) + wsB1(t + 1) + wyBa(t + 1)
1
3 In (1 —2a)\Ba(t+1)(1 — p2)>

1 axBa(t + 1)p?
—Z-In(1-2(asBi(t+1
2 n< <a5 tE+ D+ 1—2a\Ba(t+1)(1—p?)) )’

(qul — 2as(cs +1s) By (t + 1))2

axBa(t+1)p? ’
2(1—2(asBalt + 1) g T =)

1
By(t) = bsBa(t +1) — 51 + as(es + 1s)’Bi(t+1) +

By (t) = byBa(t + 1) + 2.
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Thus, we have proved the moment generating function has the log-linear form,

t

f&T, é1,02) = exp {¢1$(t) +d2 > As)+ AT, 61,02) + Bi(t: T, ¢1, d2)hs(t+ 1)

s=1
+ Bo(t; T, 1, p2)A(t + 1)} .

These coefficients can be obtained recursively using the terminal conditions,
A(T; T, ¢1,62) = Bi(T; T, 1, ¢2) = B2(T5 T, ¢1,¢2) = 0. u

PROOF OF PROPOSITION 2.4: Recall the moment generating function of z(7") and Zzzl A(s) in
Proposition 2.3, with the notations z(t) = In S(¢),

J(O;T, 61, 62) = E? o1 F02 =1 ), (A.1)
To deal with the term I7 in (2.7), we define a new probability measure Q1 as follows:

E@ [I(A)S(T)J(T > T)]
Q1(A) ==

)

EQ [S(T)I(T > T)]

for any events A € Zp and I(-) is an indicator function. Based on the definition of @1, we have
the characteristic function of z(7") under Q1,

F10; T, i) = E9 [eimxm]

B® {ew’lx D g(T)I(r > T)]

EQ [S(T)I(T > T)]
EQ {e(i¢1+1)X(T) I(r> T)]

EQ [S(T)I(T > T)}

BQ[elir+DX() o= DT, X)]

EQ [exm— T A(s)}

.f(07 T7 17 _1) '

where we have used the definition of f(0; 7, ¢1, ¢2) in (A.1).
Standard probability theory (see, e.g., Kendall and Stuart [20], and Shephard [26]) implies the
distribution function Fj(z(T);x) corresponding to the characteristic function f1(0;7T,i¢1),

1 1 [ 1T (0, T, i
Fila(T)ia) = g -+ [ Re[ AR5

where Re[ | denotes the real part of a complex number. Hence, we have that

Q1(z(T) 2InK) =1- Fi(2(T);In K)

00 —i¢1 In K . :
_ l/ Re[e 'f1(07T71¢1)
7™ Jo i1

Jdr + 3.
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Recall the definition of the probability measure (01, we have that

E@ [I(m(T) > In K)S(T)I(r > T)]
O1(z(T) > nK) =

)

EQ [S(T)I(T > T)]
which in turn implies
E® [I(:c(T) > In K)S(T)I(r > T)]

= Q1(2(T) > nK)  E? [S(T)J(T > T)]

1 [ re K (0T ig) 1 _
(/0 Re[ ]d¢1+§ F(0; 7,1, 1)

™ 91
00 —i¢p1 In K . . o
:l/ Re{e f(OjT,z<Z>1+1, 1)]d¢1+1f(0;T717—1)
7 Jo i1 2

= T0,(0;T) + %f(O;T, 1,-1),
Rewrite I in (2.7) and we obtain
I =E@ [S(T)I(T >T,8(T) > K)}
=E° [I(S(T) > K)S(T)I(r > T)]

=L (0;7) + 5 /07,1, -1),

—i¢1 In K . . _
where Hl(O,T) _ %fooo Re[e 1 f(i(;;?71¢1+1, 1):|d¢11
As for Iz, we can derive it similarly. Define a new probability measure Q2 as follows:
EQ [I(A)I(T > T)]

Qa(d)= EQ[I(T>T)] ’

for any events A € %1 and I(-) is an indicator function. Analogously, the characteristic function
of z(T) under Q3 is given by

f2(0: T, ipy) = E?? [ei¢1X(T)]

B E@ {ewlx(T)I(T > T)}

EQ [I(T > T)]

EQ {ei(ﬁlX(T)e* >, A(sq

EQ [6723:1 A(s)}

f(07T7 Z¢17 _1)

Thanks to standard probability theory (see, e.g., Kendall and Stuart [20]), the distribution
function F»(x(T);x) corresponding to the characteristic function f2(0;7T,i¢1) is

00 —iprx ST
Fa(a(Tyia) = § - 1 [ Re[ LRI g5
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where Re[ | denotes the real part of a complex number. Hence, we have that
Q2(x(T) >InK)=1— F(z(T);InK)

1 [ e K £ 0.7 igy) 1
7;/0 Re[ o ]d¢1+§.

Therefore, we obtain the explicit expression for I2 as follows:

I, =E° {I(T >T,8(T) > K)}
= Q2(x(T) > InK) *Q(r > T)
=Q2(x(T) >InK) E@ [6723:1 )‘(s)]
=Q2(x(T) >InK) * f(0;T,0,-1)
= T12(0,T) + 5 /(057,0, 1),
where
e PS03 T iy, —1)
91

To derive I3, we define a new probability measure Q3,

I15(0;T) = lf()ooRe[

7I'

]d¢1.

EQ [I(A)S(T)]
Q3(A) = ——F——=—
EQ {S(T)]

and the characteristic function of z(T") under Q3 is given by
J3(0: T i) = B9 41X (1]

B EQ [euan(T) S(T)]

EQ [S(T)]

F(0; T, igy +1,0)
F(0;7,1,0)

Similarly, one gets that

Q3(x(T) > mnK) = %/OOO Re{e_wl " Kiﬁ(o; T, wl)]dqﬁl + %
and
I3 = E9[SpI(Sr > K)] = Q3(x(T) > In K) « E9[S7]
= Q3(a(T) > nK)  f(0:T,1,0)
= TIg(057) + 5 f(0:7,1,0),
where

e 01K £(0:T iy +1,0)
(103

Hg(o;T)Z%/OOORe[ ]d(bl.
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Analogously, standard probability theory implies that

I,(0;T) = Q(a(T) > W K)
=1-Q(T) <InK)

1 [ re K £ igy,0) 1
—;A Re| P61 o1 +3
1
= L(0:7) + 5.

Therefore, the price of vulnerable options is given by
* —rT 1 1
c*=e7(1—a) « (L (0;7) + SFOT,1,—1) = KI(07) — S KF(0: 70, -1)

+ a(H3(O; T) + %f(O;T, 1,0) — K14 (0;T) — %K)]
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