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Abstract
Objectives: To develop and validate a paper-based instrument that is simple to administer and produces
a reliable estimate of patient standard gamble (SG) utilities for current health status.
Methods: A 1-page paper questionnaire instrument, paper standard gamble (PSG), was designed to
estimate SG utilities. We performed two studies to assess the validity of PSG. First we compared PSG
and SG utilities for current health in patients with prostate cancer. They randomly received either PSG
followed by SG or vice versa, always with an intervening SF-12. In the second validity study, we assessed
the test-retest reliability of PSG by administering it to prostate cancer patients twice, at least 2 weeks
apart.
Results: In the first study, utilities were assessed in 64 men (32 per SG/PSG order group). A paired-
comparison t test suggested no difference between SG and PSG (mean difference = −0.007; 95%
confidence interval (CI), −0.022 to 0.008). The concordance correlation coefficient was 0.92 (95% CI,
0.79 to 0.99). In the second study, test and retest PSGs were available for 184 patients. The concordance
correlation coefficient was 0.88 (95% CI, 0.73 to 0.94).
Conclusions: These data suggest that PSG may serve as a reliable substitute for SG when current
health utility is of interest. PSG may have particular advantages for acquisition of health-related quality-
of-life data in longitudinal studies.
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When comparing groups of patients, such as those participating in treatment arms of
a randomized clinical trial, quality of life is often important. Unfortunately, traditional
quality-of-life questionnaires may lead to conflicting results. For example, treatment A
may prolong life but inflict a lower quality of life than treatment B, forcing the patient
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and physician to trade off one for the other when deciding on a treatment. The field of
oncology provides several examples of this phenomenon, where patients willingly accept
a treatment strategy with shorter life expectancy in anticipation of a higher quality of life
(8;18;22;34;35;36;45;50;54). Another area of conflict results from the multiple endpoints
measured in most quality-of-life questionnaires (17). If some quality-of-life endpoints are
better with one particular treatment and other quality of life endpoints are worse, it becomes
difficult to judge whether the particular treatment is superior overall. For treatment decision
making, these multiple quality-of-life criteria must be weighed and compared with survival
benefits to select a single treatment strategy (17).

Utility assessment is an attractive health-related quality-of-life measure because it pro-
duces a single overall quality-of-life value. In theory, it incorporates all aspects of health
into a single measure on a scale with endpoints of “death” and “perfect health.” Such a
scale is appropriate to weight survival times for the calculation of quality-adjusted life-
years (QALYs), the dominant measure of health improvement for decision analyses and
cost-effectiveness analyses (56). With QALYs, quantity and quality of life are simultane-
ously considered when comparing alternative treatment strategies. As an outcome measure,
quality-adjusted survival could be calculated by following a patient for life, continually
assessing his current health utility, and integrating this function (12;16;17;20;43).

With the standard gamble (SG) utility assessment method, patients are offered an option
(e.g., a hypothetical pill) that will confer upon them either perfect health or death (4). The
risk of death is titrated to find the maximum that the patient is willing to endure for a chance
at obtaining perfect health. The reliability of the SG is generally very good (1;15;49), and
patients generally understand it (2). Because it involves uncertainty, a characteristic of
practically all medical decisions (2), it is a true utility assessment method (2;26;41). It is the
only method consistent with the von Neumann and Morgenstern axioms of decision theory
(10;21;31;40), and the only utility measure for which expected value is meaningful (55).
While SG may not be the perfect utility measure for all occasions, it is certainly desirable
in many contexts.

A downside to the SG method is the expense associated with its measurement (46). Most
contemporary assessments involve face-to-face interaction (10) with trained interviewers
or sophisticated computer software (15;28). Generally, utility assessment involves travel
by either patient or facilitator. Thus, as a continually assessed measure of quality of care,
the SG is infrequently used because of its complexity and cost of administration. While
questionnaire-based utility assessment in general is desirable, replacing the computerized
standard gamble becomes particularly attractive (16).

We sought to develop and test a paper questionnaire, called paper standard gamble
(PSG), which would provide estimates similar to those obtained with the computerized SG.
If successful, a paper questionnaire would be much easier to administer than the interviewer-
based or computerized forms of SG (33;46). Another advantage to a paper proxy for the
SG (that does not require an interviewer) is that it would greatly facilitate population-
based utility assessments by mail (33). Previous studies have suggested that SG has high
test-retest reliability, with an intraclass correlation coefficient of 0.77 to 0.79 (1) and a test-
retest correlation coefficient of 0.85 to 0.88 (27). Indication that the concordance between
PSG and SG was near the reliability of SG would support the replacement of PSG for SG
when ease of administration was of concern.

METHODS

Two separate studies were conducted to assess the psychometric properties of PSG. The first
study compared the PSG with SG measured in the same individual (i.e., criterion validity).
The second study examined the test-retest reliability of PSG.
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Figure 1. A screen capture from the standard gamble software. This was used as the
criterion standard in test of PSG validity.

Criterion Validity

Our overall design was to compare the PSG as an index test with the SG by computer as a
reference test. To perform the SG, we wrote software resembling that of IMPACT, developed
by Lenert and colleagues (29). The interface features large fonts and various graphics to
convey the standard gamble probabilities (Figure 1) (29;47). We worded the standard gamble
as a “magic pill” that would either cause the patient to wake up the following morning in
perfect health or cause the patient to die in his or her sleep after taking the pill (4). The
interval division method (27) was used to locate the maximum risk of death the patient
would be willing to accept within 1% precision. The particular interval division algorithm
we used was as follows. The patient was first asked to consider a pill with 5% risk of death.
If accepted, a pill with 50% risk of death was presented. If accepted, a pill with 99% risk of
death was offered. If the initial pill with 5% risk of death was refused, a pill with 1% risk
of death was offered. Within these boundaries, when a pill was refused, a pill was offered
with risk equal to the midpoint between the refused pill and the previously accepted pill
with maximum risk, rounded to the 1% risk level.

We developed a pencil-and-paper questionnaire that closely resembled the wording
of the standard gamble. The risk of death was ordered from lowest to highest. Although
this design is easy for the patient to follow, it theoretically lacks efficiency because it
requires the patient to answer every question and it potentially creates utilities that are
biased high due to its top-down order. Because branching on paper may be difficult for
some patients to follow, our approach was simply to pilot test this theoretically inferior
questionnaire and assess its performance and potential bias. The questionnaire appears in
Appendix 1. Of notice, the granularity of PSG is skewed to achieve a finer elicitation at
higher utility values. This design is intentional because previous work by us (22;24) and
other investigators (8;25) demonstrated that the overwhelming majority of patients scored
at the higher end of the utility spectrum. The region of fine granularity could theoretically
be shifted to accommodate different patient populations. We conducted a pilot test of the
instrument among methodologists for initial feedback. The typical response from them was
that it resembled the standard gamble so closely that formal testing of the instrument was not
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necessary. We interpreted these comments as establishing face validity of the instrument
but proceeded with formal testing because error and bias issues needed to be addressed
empirically.

Experimental Design. The PSG and SG were administered to patients previously
diagnosed with prostate cancer while they waited for their clinic appointment. The or-
der of presentation was randomized (i.e., half the patients received the PSG prior to
the SG, and vice versa) so that we could test for an ordering effect. It was imperative
that we administer both instruments in a period of time in which the patient’s opin-
ion of his health would not change, so the instruments were administered sequentially.
However, we administered an SF-12 questionnaire (51) between the two utility assess-
ments to provide a distraction between utility assessments in an attempt to lessen the
tendency for the patient to simply match responses without thinking about the utility as-
sessment exercise. With statistical analysis, we tested whether in fact one instrument af-
fected the response to the other (i.e., the degree to which the SF-12 was ineffective in this
regard).

Prior to each active clinic day, we obtained a list of patients scheduled for a clinic visit.
A research fellow approached consecutive patients in an outpatient prostate cancer clinic as
they waited to see their attending physician. Patients were briefed on the reasons behind the
study and asked if they were willing to participate. Informed consent was obtained in the
presence of the research fellow. All patients were eligible for our study regardless of their
treatment decisions or disease status. The only inclusion criterion for this study was the
ability to read English. If a patient reported to the clinic multiple times during the study,
he was only allowed to participate the first time we encountered him. Patients with prostate
cancer were selected as a matter of convenience and because they have well-documented
decision-making challenges ahead of them (8;14;22;25). With this disease, where quantity
and quality trade-offs are ubiquitous at all stages of disease, utility assessment is a partic-
ularly valuable tool. The patient was informed that he would be asked to complete three
brief questionnaires, two on paper and one on the computer. In appropriate sequence, one
of these questionnaires or a laptop was placed in front of the patient and removed as soon
as he finished that particular component, at which time the next questionnaire was placed
in front of the patient until study completion.

Statistical Methods. Several statistical analyses were conducted to assess the abil-
ity of PSG to estimate SG. Initially, the Pearson correlation coefficient between the two
instruments was computed and tested for significance. However, the correlation coefficient
assesses only strength of correlation and not calibration. Therefore, a Bland-Altman plot (3)
was constructed to visualize potential bias in the PSG across its scale. To quantify and test
for an overall bias effect, a paired comparison t test was performed by subtracting each
patient’s PSG from his SG and testing whether the mean difference across patients devi-
ated from zero. The potential for an effect of the order of administration was evaluated
by comparing the SG-PSG mean differences between order groups (SG prior to PSG vs.
PSG prior to SG) with a two-sample t test. Conformity of PSG and SG was measured with
the concordance correlation coefficient (13), a measure that is very similar to the better-
known intraclass correlation coefficient but with arguably better theoretical properties (13)
and computer code (30) available for bootstrapping in S-Plus 2000 Professional Software
(Insightful Corp, Seattle). The concordance correlation coefficient (CCC) measures the
agreement between the paired PSG and SG values versus a 45◦ line (i.e., the line where
PSG = SG in a scatterplot). Bootstrapping with 1,000 resamples was used to derive 95%
confidence intervals for this coefficient. Finally, we determined whether the variance in SG
utilities was affected by exposure to the PSG and SF-12, which might be expected if the
PSG were a poorly comprehended instrument that only biased the subject who was trying
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to match his SG to his prior PSG. Variance comparison was accomplished with use of the
folded form F statistic (42).

Sample Size Considerations. The purpose of the PSG instrument was to estimate
the SG score very closely. We were particularly concerned by the threat of making a type II
error—concluding that the SG and PSG utilities were equivalent when they are not. Thus,
we desired a very statistically powerful sample size to guard against a type II error. Given
that our primary test of the PSG instrument was a paired comparison t test, and assuming
a type I error rate of 5%, we would have 98% power (and thus a 2% type II error rate) to
detect a moderate effect size difference (11) between the PSG and SG with a sample size
of 64 patients.

Test-Retest Reliability

Experimental Design. As part of a larger questionnaire, PSG was administered to pa-
tients previously diagnosed with prostate cancer. While in the clinic, patients were asked to
complete the questionnaire. Then, upon leaving the clinic, patients were given a second copy
of the questionnaire and asked to complete it in approximately 2 weeks. A self-addressed,
stamped envelope was also provided. Patients were telephoned as a reminder when they
were 7 days late in returning the questionnaire. Another copy was mailed when patients
were 14 days late.

Statistical Methods. Test-retest reliability was quantified with the concordance cor-
relation coefficient. Bootstrapping with 1,000 resamples was used to derive 95% confidence
intervals (CI).

RESULTS

Criterion Validity

Utilities were assessed in 64 patients; 32 had their PSG assessed prior to the SG, and
32 were assessed in reverse order, with all patients completing the SF-12 between utility
assessments. No patient refused participation or failed to complete the study. Complete
assessment generally took less than 5 minutes per patient.

The PSG was scored by determining the midpoint between adjacent questions where
the patient responded “Yes” and “No” (Appendix 1). No patient responded inconsistently
(i.e., answering “Yes” to a pill that conveyed more risk of death than a pill previously
refused, or vice versa). Of the 64 patients, 53 circled every question on the PSG, as we
had envisioned. Three patients circled multiple “Yes” responses at the top of the instrument
and left the remaining lines blank. Of note, these patients were not interrupted or pulled
away for a meeting with their doctor. One of us (MWK), who was blinded to the patients’
SG responses, scored these as if the uncircled questions were answered with “No.” Eight
patients circled one or more “Yes” responses at the top of the instrument, followed by a
single “No,” and then left the remaining lines blank. These PSG scores were computed as
usual: the midpoint between the adjacent “Yes” and “No” responses. A scatterplot of the
PSGs versus the SGs (both jittered to reveal duplicate points) appears in Figure 2. The ideal
reference line is overlaid. The Pearson correlation between the PSG and SG was 0.94. The
Bland-Altman plot appears in Figure 3. The horizontal line, which represents the SG-PSG
mean, is very near 0, suggesting good agreement overall. By paired comparison t test, this
mean difference (−0.007) was not significantly different from 0 (p = .34; 95% CI, –0.022
to 0.008). Patients with very high utilities (>0.9) may tend to have higher SGs than PSGs,
with the reverse trend for patients in the middle of the spectrum. To investigate this potential
nonlinear trend further, we fit a flexible linear regression of SG on PSG using a restricted
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Figure 2. Scatterplot of standard gamble vs. paper standard gamble. Triangles represent
subjects who completed the SG prior to the PSG, and circles represent subjects who com-
pleted the PSG prior to the SG. The line represents the ideal reference line.

Figure 3. Bland-Altman plot. Circles represent patients in the study. The vertical axis is
the patient’s PSG subtracted from his SG. The horizontal axis is the patient’s mean utility
[(PSG + SG)/2]. The line indicates the mean difference (SG − PSG) for the 64 patients.
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cubic spline to allow for a potentially nonlinear effect. The nonlinear spline did not improve
model fit (p = .93), providing no support for a nonlinear trend in the relationship. The
concordance correlation coefficient was high (CCC = 0.92; 95% CI, 0.79 to 0.99).

The difference in utilities was further examined to assess whether the order of util-
ity assessment was associated with a change in the difference between the PSG and SG
scores. The mean difference in the group that had PSG assessed prior to SG was not dif-
ferent from the mean difference in the group that had PSG assessed after SG (“PSG prior”
mean difference minus “PSG after” mean difference = 0.015;95% CI, –0.007 to 0.053,
p = .13). The folded form F statistic was used to test for inequality in variances of the SG
when administered before versus after the PSG, and no evidence of a difference was found
(p = .20).

We also examined whether the SG estimates for patients who received SG first differed
from the PSG estimates from patients who received the PSG first. A difference in these
means would imply a pure instrument effect, since each is occurring first in the sequence
of instruments. By two-sample t test, no difference was observed (p = .91; 95% CI for
difference, −0.09 to 0.08).

Test-Retest Reliability

Between October 17, 2000 and July 17, 2001, we enrolled 439 patients in a health-
related quality of life protocol for prostate cancer patients. Of these, 221 returned a sec-
ond copy at least 14 days after the first questionnaire. A scatterplot of the test and retest
PSG (both jittered to reveal duplicate points) appears in Figure 4. The ideal reference
line is overlaid. The concordance correlation coefficient was 0.88 (95% CI, 0.73
to 0.94).

Figure 4. Scatterplot of PSG retest vs. PSG test. Circles represent individual patients; the
line represents the ideal reference line.
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DISCUSSION

Previous attempts to measure utilities by paper in individual patients have been unsatis-
factory. The Health Utilities Index (HUI), versions II and III, are paper questionnaires that
produce SG estimates based on conversion from rating scale preferences for hypothetical
health states (5). HUI is intended for applicability to groups of patients rather than indi-
viduals. Patient responses to rating scales are mapped to SG estimates from power curves
derived by the HUI authors. However, little is available in peer-reviewed literature regard-
ing the HUI-SG agreement. Given that the SG involves individual risk tolerance, it seems
unlikely that a population-based health index could accurately translate rating scale scores
into SG scores across individuals whose risk tolerances likely differ at the individual level.
In fact, it is common to find patients in the same clinical health state who have very different
utilities and degree of bother (37). An additional limitation of the Health Utilities Index
instrumentation is that it is substantially longer than the 1-page PSG instrument.

Some investigators have attempted to predict the SG from an SF-36 questionnaire (52),
a highly attractive solution to paper-based utility assessment. Bryce et al. (7) found the
SF-36 explained only 20% of the variance in the SG. Bosch and Hunink (4) similarly found
that only 14% of the variance in the SG was explained by the SF-36. Brazier et al. (6) were
considerably more successful using a more elaborate model, explaining 50% of the variance
in the SG with the SF-36 (6). However, our data show that the PSG explains 88% of the
variance in the SG. In general, it would seem unlikely that any health status index could
accurately predict the SG since the list of potential health conditions bothering the patient is
practically unlimited. A health status measure designed to predict utility (53) would likely
omit some aspect of health, suggesting that a paper-based measure of utility may have to
be a global utility measure.

An interesting difficulty with generalizing our results to other utility assessment reports
is that the scenario we asked patients to consider was somewhat unique. We wanted patients
not to focus solely on their current health at that instant, but instead on their perception
of their health trajectory. The difference can be critical and especially relevant to prostate
cancer, where a man is typically diagnosed without symptoms but who now has fear of his
future health. He may be happy with his current health as long as he can maintain it, but
what worries him is the degeneration, particularly if the disease is left untreated. In general,
if a patient is deeply concerned with what lies ahead, utility assessment should reflect this
concern, relative to a similar patient without present complaints and with no future concerns.
These two patients have different perceptions of their health and should have different
utilities. We therefore applied standard gambles that encouraged patients to consider their
health trajectory, along the lines of modifications we suggested for adapting the time trade-
off utility assessment method to also reflect degenerative or life-threatening conditions (23).

A limitation of our criterion validity study may be the very brief time between admin-
istering the PSG and SG. In our experimental design, an SF-12 was sandwiched between
the PSG and SG, whose order was randomized. We obtained very high correlation between
SG and PSG estimates, which could be related to the short time between administrations.
Were we testing the reliability of the SG, whereby the SG was administered both times,
such a short interval would clearly be cause for concern because this would likely inflate
the reliability estimation (9). However, these were two different instruments whose look
and feel are distinctly different: the SG is a highly graphical computer experience, while
the PSG is a text-based paper questionnaire. If PSG scores were, in reality, not so closely
related to SG scores, and SG scores were reliable and understood by patients, one would not
expect to obtain data similar to ours. If patients did not understand the PSG, but thought our
experiment was a game whereby they were supposed to match their PSG and SG estimates,
the SG scores would have been expected to be distributed differently, depending on whether
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they preceded or followed the PSG. The two SG distributions were very similar (p = .20).
Thus, patients would have to have thought that the PSG and SG questions were so similar
that they should, without thinking, provide the same answers. We would view that more as
a strength of the PSG instrument rather than a weakness of the design. Because the SG is
potentially, and appropriately, affected by many aspects and feelings toward one’s health,
even a visit with the doctor has the potential to affect the SG (19). Therefore, we had to
assess the patients’ utilities by both methods in a very short period of time (e.g., prior to
meeting with the physician) to ensure that the patient’s opinion about his health had not
changed. Especially in the clinical environment where we tested the PSG, we would not
have expected a patient’s utility to measure the same before and after the encounter with
the physician (an interesting question for future research).

Another limitation of this study is the relative homogeneity of subjects. As prostate
cancer patients at a tertiary care institution, these were mostly white men with a median age
of 62 years and above average income and education. Generalization to other patient groups
should be studied, especially in a more diverse patient population with a wider distribution
of expected utilities. Moreover, further research should address the test-retest reliability and
other psychometric properties of PSG to investigate whether patients understand the PSG
concept.

A third limitation, regarding the questionnaire rather than the design per se, is that the
PSG uses top-down titration rather than the interval division method, which is considered
to be less biased. However, we found no evidence of an empirical bias. On average, PSG
scores were not higher than SG scores. Previous studies have found that top-down titration
produces less variable but higher utilities than does bisecting titration (27), possibly due to
fatigue associated with the large number of questions asked of the patient with the bisecting
method. Percy and Llewellyn-Thomas (39) found that top-down titration scores differed
from bottom-up scores. However, it is unknown which, if either, would have significantly
differed from the theoretically preferred method of interval division. Fatigue from top-down
titration may not be an issue with the PSG because it is a short instrument.

A troubling aspect in utility assessment is the lack of a gold standard, even within SG
utility assessment. We chose to develop our own software and base it largely on the extensive
work of Lenert (28;29). We conveyed probabilities as happy and sad faces along with a bar
chart. Numerous design options are available in this setting, including whether to segregate
or randomize the sad faces, which colors to use, and the precise choice of wording. The lack
of a proven gold standard makes these choices rather arbitrary until one configuration is
demonstrated to be superior to others. Therefore, our agreement between PSG and SG may
change with an alternative format of the SG, and this aspect should be studied. Because
we are measuring current health utility rather than utility of a particular hypothetical health
condition, we chose not to provide the face and voice of someone describing their health
conditions (10) that may or may not be relevant to the particular individual being assessed,
an approach which may be very valuable for hypothetical health states.

It is also unknown whether SG, as a reference test, should be facilitated by an inter-
viewer. The argument for facilitation is that a trained facilitator helps the patient understand
what is being asked during utility assessment. The argument against facilitation is that the
trained facilitator may bias the respondent into utilities that the facilitator thinks are rea-
sonable. Given this uncertainty as to which design is preferable, and the particular question
in this study of whether two assessment methods yield equivalent utilities, we felt it was
more appropriate that the SG utility not be facilitated. Thus, our facilitator did not help the
patient with either the PSG or SG assessments. When the patient asked a content-related
question, the facilitator was instructed to reply with “do the best you can; there are no right
or wrong answers.” His only responsibilities were obtaining informed consent, coordinating
interviews, and resolving technical issues such as computer (or pencil) malfunctions.
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The lack of a gold standard in utility assessment also hampers the utilization of the
SF-12 responses. We did not analyze or report these data because the SF-12 does not measure
all aspects of current health, which is an infinite list of mental, social, physical, and other
conditions. Therefore, correlation between PSG and SF-12 domains is of little interest and
would neither validate nor nullify PSG, especially given the poor correlation between SG
and the SF-12 (44).

Though additional psychometric work remains, the PSG appears to be a promising
questionnaire for utility assessment. If validated in future studies, the PSG has the potential to
contribute at the basic science level to our understanding of utilities. Many questions remain
as to the stability of utilities over time (32) and relationships with various patient and process
factors (48). PSG would seem to facilitate repeat current health utility assessment over large
samples of patients and make this data collection much more feasible. While computerized
utility assessment is attractive for other reasons (e.g., automated data entry, multimedia
and personalized presentations for hypothetical health states), paper-based assessment for
current health utility is substantially less expensive to conduct across broad and diverse
populations.

POLICY IMPLICATIONS

The PSG may add benefit to the conduct of clinical trials where a comprehensive (i.e., quality
and quantity of life) judgment is desired. Patients could, as part of their routine follow-up,
be sent the PSG instrument, and their scores could be integrated in quality-adjusted survival
computations. Use of the PSG in observational (i.e., nonrandomized) studies may also prove
useful, but additional care is needed to consider the potential confounding issue that baseline
PSG scores may in fact be directing the patient’s treatment choices. For example, patients
with lower utilities (and lower PSG scores) may be more likely to choose more aggressive
therapies, which involve greater risks and may tend to result in yet lower utilities (and thus
lower PSG scores). A baseline PSG assessment could be used in the observational setting
to help correct for this confounding, by allowing adjustment for the baseline differences
in utility. This could be accomplished through multivariable analyses or computation of
change scores (e.g., follow-up minus baseline PSG).

Use of PSG might also facilitate economic analyses, which utilize dollars per quality-
adjusted life year as the metric of cost-effectiveness. Here, the PSG could be utilized in the
cost-effectiveness analysis to help measure the denominator through prospective assessment
of patients in each screening or treatment strategy in the analysis. Furthermore, it seems
possible to adapt the PSG to the prospective medical decision-making setting, whereby
a patient was presented with condition-specific PSGs (rather than the current health PSG
reported here). These hypothetical health-state PSGs could then be entered into a decision
analysis to support real-time patient-specific medical decision making (38). However, future
research is needed to demonstrate this feasibility.

In summary, these data suggest that a 1-page paper questionnaire is a reliable measure
of patient utility. We found that the PSG accurately reflected the SG in 64 men, and that
the PSG had excellent test-retest reliability in a sample of 184 men. The PSG potentially
can play a role in various analyses of screening or treatment options involving economic
concerns or where quality-of-life concerns have the potential to override survival benefits.
With further psychometric evaluation, PSG may prove useful in an environment in which a
traditional SG utility is desired.
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APPENDIX 1

Imagine a new (make-believe) pill is now available for all your health problems. Your doctor advises
you that if you take the pill today and it works, it cures every health problem you currently have for
the rest of your life. However, if you take the pill today and it does not work, it causes a sudden and
painless death in your sleep tonight. Your doctor has no way of predicting which patients will be cured
by this new (make-believe) pill, and will support whatever decision you make. Given everything you
know about your current health, how it may change in the future, and your treatment options, we want
to know what you think about this pill.

→Would you take this pill right now if you knew. . . (Please circle “Yes” or “No” for every question.)

. . . it had a 100% chance of cure and a 0% risk of causing death in your sleep tonight? Yes No

. . . it had a 99% chance of cure and a 1% risk of causing death in your sleep tonight? Yes No

. . . it had a 97% chance of cure and a 3% risk of causing death in your sleep tonight? Yes No

. . . it had a 95% chance of cure and a 5% risk of causing death in your sleep tonight? Yes No

. . . it had a 93% chance of cure and a 7% risk of causing death in your sleep tonight? Yes No

. . . it had a 91% chance of cure and a 9% risk of causing death in your sleep tonight? Yes No

. . . it had a 90% chance of cure and a 10% risk of causing death in your sleep tonight? Yes No

. . . it had a 85% chance of cure and a 15% risk of causing death in your sleep tonight? Yes No

. . . it had a 80% chance of cure and a 20% risk of causing death in your sleep tonight? Yes No

. . . it had a 75% chance of cure and a 25% risk of causing death in your sleep tonight? Yes No

. . . it had a 70% chance of cure and a 30% risk of causing death in your sleep tonight? Yes No

. . . it had a 65% chance of cure and a 35% risk of causing death in your sleep tonight? Yes No

. . . it had a 60% chance of cure and a 40% risk of causing death in your sleep tonight? Yes No

. . . it had a 50% chance of cure and a 50% risk of causing death in your sleep tonight? Yes No

. . . it had a 40% chance of cure and a 60% risk of causing death in your sleep tonight? Yes No

. . . it had a 30% chance of cure and a 70% risk of causing death in your sleep tonight? Yes No

. . . it had a 20% chance of cure and a 80% risk of causing death in your sleep tonight? Yes No

. . . it had a 10% chance of cure and a 90% risk of causing death in your sleep tonight? Yes No
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